Chapter Five
Human Reliability in Aircraft Inspection

5.0 INTRODUCTION

This section describes the continuing work on aircraft inspection, whose long-term objective is to enhance system reliability through human factors interventions. It
builds upon the Phase | outcomes reported in Shepherd, et al., 1991, and thus does not re-justify human factors applicationsin this field.

Phase | provided detailed Task Descriptions and Task Analyses of many aircraft inspection activities observed at major carriersinthe U.S.A. During Phase I, visits
were made to other inspection sites, with coverage of regional airlines, repair centers, and sitesin the U.K. (see Section 5.3.6). The concentration was on specific

aspects of the system, such as Non-Destructive Inspection (NDI), information flow, and training. Although inspection tasks were observed, no additional formal
Task Analyses are reported here.

In Phase 11, the implications of the data collected earlier have been researched in more detail than was provided in Shepherd, et al., 1991. Thishasled to a series of
studies by the research team, all under the objective of human factors interventions to improve inspection system reliability. These studies can be broadly classified
into those with short-term and long-term outcomes. While the former have led to specific, on-going interventions at airline inspection sites, the latter have produced
insights and on-going experiments in an off-site setting. One additional activity has been ajoint project with the Civil Aeronautics Authority (CAA) inthe U.K. to
document and evaluate international differencesin civil aircraft inspection (Drury and Lock, 1992).

Chapter 3 of Shepherd, et al., 1991 listed a set of short-term and long-term research needs, and thislist has provided the guidance for Phase |1 work. All of these

needs were derived from a basic description of the inspection system, and a generic task description of inspection. As these descriptions form the basis of al that
follows, an updated system description (from Drury and Lock, 1992) isincluded here.

5.1 THE INSPECTION SYSTEM: A HUMAN-FACTORS DESCRIPTION

An aircraft structure is designed to be used indefinitely provided that any defects arising over time are repaired correctly. Most structural components do not have a
design life, but rely on periodic inspection and repair for their integrity. There are standard systems for ensuring structural safety (e.g., Goranson and Miller, 1989),
but the one which most concerns us is that which uses engineering knowledge of defect types and their time histories to specify appropriate inspection intervals.
The primary defects are cracks and corrosion (which can interact destructively at times) arising respectively from repeated stretching of the structure from
aerodynamic or internal pressure loads, and from weathering or harmful chemicals. Known growth rates of both defect types alow the analyst to choose intervals
for inspection at which the defects will be both visible and safe. Typically, more than one such inspection is called for between the visibility level and the safety
level to ensure some redundancy in the inspection process. As the inspection system is a human/machine system, continuing airworthiness has been redefined by
the design process from a mechanical engineering problem to an ergonomic one. Inspection, like maintenance in general, is regulated by the FAA inthe U.S.A., the
CAA inthe U.K., and equivalent bodies in other countries. However, enforcement can only be of following procedures (e.g., hours of training and record-keeping

to show that tasks have been completed), not of the effectiveness of each inspector. Inspection is also a complex socio-technical system (Taylor, 1990), and as such,
can be expected to exert stresses on the inspectors and on other organizational players (Drury, 1985).
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Maintenance and inspection are scheduled on aregular basis for each aircraft, with the schedule eventually being translated into a set of job cards for the aircraft
when it arrives at the maintenance site. Equipment which impedes accessis removed (e.g., seats, galleys). The aircraft is cleaned, and access hatches are opened.
Next comes arelatively heavy inspection load to determine any problems (cracks, corrosion, loose parts) which will need repair. During inspection, each of these
inspection findings is written up as a Non-Routine Repair (NRR) item. After some NRRs are repaired, an inspector must approve or "buy back” these repairs.
Thus, the workload of inspectorsis very high when an aircraft arrives (often necessitating overtime working), decreases when initial inspection is complete, and
slowly increases towards the end of the service (due to buybacks). Much of the inspection is carried out in the night shift, including routine inspections on the
flightline, of aircraft between the last flight of the day and first flight of the next.

At amore detailed level, the task of inspection can be broken into a set of subtasks which follow in logical order. Table 5.1 shows a generic task description based
on simpler tasks for industrial inspection tasks (Drury, 1978). For each subtask, Table 5.1 presents an example from both Visual Inspection and Non-Destructive
Inspection (NDI). In atypical inspection schedule, well over 90% of the job cards are for Visual Inspection.

TASK DESCRIPTION WISULL EZALMFLE HOT EXAMFLE

1. Initizke Get workcard. Fead and understand ares Get warkcard and eddy
to be covered. current equipment. Calibrate,

2. Bcocess Lo ate area on aircraft. Get inko correct Liow:ate area on aircraft,
positicn. Pasition zelf and equipment.

3. Search [love eyes across area systematically, Moye probe over each rivet head, Stop if any
Stop if any indication. indic:aticn.

4. Decision Examine indication against remembered Fe-prabe while closely watching eddy current

[laking standards, e.q., bor dishing or corrosion, trace,

5. Respond Plark, defect. wWrite up repair sheet or if no Fark. defect. ‘Write up repair sheet ar if no
defect, return to search. defect, return bo search.

E. Repair Orill ot and replace rivet, Cirill coak riveet, NOT on rivet hold, Drive out for

ouersize rivet.
7. Buy-back Inspect Wisually inspect marked area. Visually inspect marked area.

Tahle 5.1 Generic Task Deseription of Incoming Inspection, with Examples from Visual and NDT
Inspection

Table5.1 Generic Task Description of Incoming I nspection, with Examples from Visual and NDT Inspection

With these seven task steps, the complex problems of error control, design of the information environment, and development of training schemes all become more
manageabl e as specific human factors knowledge can be brought to bear on each task step in turn. The current review of projects shows this structure clearly, both
in terms of deriving the needs for rapid interventions, and in developing off-line experiments to investigate the sensitivity of human performance to systems
variables.

5.2 SHORT-TERM DEMONSTRATION PROJECTS
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Although human factors engineering is becoming known to the aviation mai ntenance community through the FAA/AAM series of meetings, thereis still aneed to
show straightforward, practical interventions which produce relatively rapid changes. Such demonstration projects can lead to widely disseminated changes, and to
amodel for how human factors studies can be conducted by airlines themselves. Three projects were chosen by FAA/AAM, of which two were to be pursued
during Phase I1, with the choice | eft to the airlines themselves. The three projects were on redesign of hard-copy workcards (job cards), design of the lighting
environment for inspection, and redesign of the human interface of typical NDI equipment to follow human factors principles. Thefirst two of these to be taken up
by the industry were the workcards and lighting projects, so these are described in some detail in the following sections. Other projects, including the NDI interface
design, are to be performed in future years and hence are described briefly.

To our knowledge one aircraft manufacturer and one airline company have started human factors groups in the maintenance/inspection field, but this still leaves
many other airlines with a shortage of human factors expertise. Information is available through the proceedings of the FAA/AAM meetings on Human Factorsin
Aircraft Maintenance and Inspection, but it is often either human factors specialists telling what could be done, or existing industry personnel showing what has
been done without formal human factors knowledge. With this background the short-term demonstration projects have been structured to allow human factors
specialists and aircraft industry personnel to work together on projects which neither could conveniently perform alone. To this end, the FAA/AAM support has
provided human factors expertise, while airline partners have provided facilities and personnel with detailed knowledge of inspection of particular aircraft. The
airline partners have also agreed to provide travel to and from the work site. For their cooperation, airline partners get their personnel to understand some aspects of
human factors, as well as aresponse to their specific needs. All partners have agreed to allow dissemination of study methodology and results.

Asthese are on-going projects, with the first two due for completion in May 1992, only the needs and methodology are presented here.

5.2.1 HUMAN FACTORS IN WORKCARD DESIGN

A magjor air carrier has agreed to become the partner on the workcard design project, working through maintenance facilities. Although the issue of information
flow within the inspection/maintenance system is complex (see Section 5.3.3), and high-technology interventions are possible (Johnson, 1990), many airlines have
too large an investment in current hardware to consider alternatives beyond hard-copy workcards as the inspectors' primary information. Airlines often have
computer-generated workcards, and wish to continue using some version of the same medium, at least in the near-term. Thus, while we are moving towards new
generations of computer-based job information aids, thereis still an on-going need to apply human factors techniques to existing workcard generation systems.

The workcard controls the inspection workflow by describing to the inspector the location of the work area, the area(s) to be inspected, and the inspection
procedure. It isthe primary document that inspectors carry during inspection.

The task analyses of aircraft inspection (Drury, Prabhu and Gramopadhye, 1990) suggested that workcards are the main source of on-line feedforward information.
However, even within the relatively homogeneous sample of air carriers, there was considerable variability in the design of these documents. Since the "paper
document” is currently the prevalent and preferred means by which the inspector has access to the information that is needed on the job, the availability of quality
documentation is of critical importance to inspection performance.

Table 5.2 classifies the various human factors issues which the Task Analysis data showed to be relevant to documentation design. The workcard, which is a paper

document, must be evaluated with these issuesin mind. The taxonomy also provides a framework with which to design a new workcard which adheres to human
factors principles.
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1. Infarmation layering

= Amount of information
= EXperts versus novices
= Lze of cuestindicationsichecklists

» Lewels of information
= Accessibility
= Flesibility of use

2. Layout of infarmation

= Spatial layout
= Grouping of infarmation
= Chunking

3. Presentation of Text

= Wisual organization

= wWord spacing

= Wisual den=ity = Line spacing

= Letter case = Line length
4. Presentation of Graphics = Wisual organization = Contrast

= Spatial location w.r.t. test = Labeling

8. Language Constraints

= Minimal number of words
= Standardized nomenclature
= Appropriate abbreviations

= Fixed synkax
= Concizse wording

E. Physical Implementation

= Completeness of information
= Consistency across cards

= Phyzical accessibility
= Accuracy of information

Tahle 5.2 & Tamomoray of Hurnan Factors Issues in Workeard Design

Since the workcard is the means of communication of command information (both directive and feedforward), it isimportant to understand the effects of workcard
design on the use of itsinformation content by the inspectors. Current research in human factors and cognitive science in the areas of information processing, visual
perception, learning, document design and computer display design (e.g., Wright, 1991) provide us theoretical, as well as empirical, guidelines that can be used for
the design of more effective workcards. The taxonomy is an attempt to organize these guidelines to provide a framework that can direct the documentation design

Process.

Table 5.3 presents an analysis of the original Task Analysis data of aircraft inspection, classified using the above taxonomy. The points raised are not in any

implied order of importance.
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Information Layering

Mone of the workcards provided layered information, i.e., the opportunity to access more
detailed infarmation on inspector selected points.

Eey points were not clearly differentiated.

Little feedforward on problem areas to be expected on this aircraft at this time.

Few workcards provided checklist of probablefpossible defects.

Meceszary safety precautions not specified.

Task cards did not specify limits on wear, play, ete. for visual inspection bo help the human
inspector make maore consistent judgements.

Cues indicating defects not lisked in workcards, 2.9, scuffed paint on Fairings (of wing) indicates
rubhbing.

Layout of Infarmation

Faor legibility in some work.cards.

Relewant information spread over multiple pages.

Fuch information of a legal or general nature occupied prime space at the top of the card.
Column layout, text bokes and other enhancements now available on compuater-generated tegt
were nok used.

Fresentation of Text

Some cards were in all capitals, a violation of human Factors principles.
Fant design was not considered For legibility in highly wariable lighting conditions.
Cluality of printing and copying was not uniformily good.

Presentation of Graphics

workcards designed without considering correct location of graphics.

Some graphics were confusing even to edperienced inspectors.

Some graphics for accessing the inspection area were ambiguous.

Flost graphics were of poor quality.

Color coding was not used, but may need to be considerad if it offers worthwhile perfarmance
improyements.

Language Constraints

Procedures were not concisely worded in many work.cards.
There seems ta be no evidence of any conscious design procedurs Lo use figed syntay,
consistent use of phrases or a standardized nomenclature,

Phyzical Implerment ation

Imperfect matching of nomenclature for parts and defects between workzheet and secondary
source material.

Inconsistent description of tasks, Some were described very briefly and athers in detail,
Mo tool or aid that ensures that the inspector has cowvered the entire inspection area.
Orawings on workcard sometimes do not match configuration of the ame area on the
work.card.

llumination specifications not awvailablefnot specified on workcard.

Some work.cards do not have figures showing relative [ocation of warious parts.

Some work.cards did not specify equipmentfgauges to be used in the inspection.
Completeness and currency of information is nok as=sured, and not, therefore, trusted by all
inspectors.

Physical size and shape of workcards is not always well integrated with ather tools the
inspector must carry and use.

Tahle 5.3 Classification of Ohservations from the Task Analyses of Inspection, Classified by the

Tazonioray of Table 5.2

5.2.1.1 A Demonstration Program for Workcard Redesign

With our airline partner, aworkcard redesign program is being undertaken as a demonstration of how human factors techniques can improve inspection. Existing
workcards for asmall number of relatively common maintenance events (an A-check and a C-check) are being analyzed with respect to the issues derived in the
taxonomy. Good and poor aspects of the workcard design have been noted, both from analysis of the workcard itself and from analysis of its use by inspectors.

From this data collection phase will come a series of design requirements which, if met, will ensure good human factors design.

With airline partner representatives, design solutions will be developed to cover both short-term and long-term changes. Short-term interventions for workcards

may include, for example:

1. Changing the presentation format and layout to improve ease of use and legibility.




Ensuring that visual material isincorporated into the worksheet.

Consistent naming of parts, directions, defects, and indications between all documents used by inspectors.

Multi-level workcard systems, useable by inspectors with different levels of immediate familiarity with the worksheet content.
A better physical integration between the workcard and the inspector's other documents and tools needed at the worksite.
Providing a better spatial integration between the workcard and the inspection tasks around the aircraft.

Each design solution will be implemented and a series of prototype workcards produced. These will be pre-tested by having inspectors use them while providing a
verbal protocol of their actions. From this user evaluation will come arefined design.

o0~ wbd

Thefinal design will be tested against the current design using controlled tests during A-checks and C-checks. Measurements will be taken of inspector verbal
protocols, errors/confusions observed, and questionnaire eval uation from both inspectors and supervisors.

The results will be documented as a case-study to show:

a.  How other maintenance/inspection operations can improve their workcards.
b. How to apply human factors principles to the improvement of other maintenance/inspection functions.

5.2.2 DESIGNING THE VISUAL ENVIRONMENT FOR INSPECTION

A second major carrier is cooperating with the University at Buffalo team to improve the inspector's visual environment. This project is based at the maintenance
facilities operated by the carrier at asingle airport. There is a single maintenance hangar, with three aircraft bays, and apron areas outside the hangar and by the
gates. The main concentration will be on in-hangar activities, but other sites will also be considered. Having a single hangar makes the demonstration project
manageable while still providing a representative application of human factors.

Analysis of aircraft inspection activities has shown that visual inspection dominates other inspection activities (Drury, Prabhu, and Gramopadhye, 1990). Since
visual ingpection is such an important component, accounting for almost 90% of all inspection activities, it isimperative that the task be performed in the most
suitable work environment. From the task analysis of various inspection tasksin Table 5.1, it is seen that "visual search” is an important component of the inspection
task, and the success of this stageis critical for successful completion of the inspection task. In visual search the inspector must closely examine each areafor alist
of potential faults. The amount of effort required on the part of the inspector for each area depends upon various factors such as the prior information (from training
experience on the workcard) and the suitability of the physical conditions for inspections (lighting, illumination levels, etc.).

Studiesin aircraft inspection have shown that poor illumination, glare, and other adverse lighting conditions could be the single most important reason for "eye
strain” or visual fatigue. Visua fatigue resultsin deterioration in the efficiency of human performance during prolonged work. Progressively more effort is
required to maintain performance, and eventually performance level decreases despite the extra effort. The purpose of this study isto identify potentia sources of
improvement in inspection lighting and to suggest modifications so that the task can be performed under improved visual conditions.

From the detailed Task Analyses of numerous inspection activities performed in Phase |, Table 5.4 gives alist of examples of poor human factors design. Each
represents an opportunity for intervention to improve the human/system fit and hence, increase job performance with decreased work stress.
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1. llumination levels beneath the aircraft waried depending on the location. Measured levels during daylight ranged from
26 fr. candles under wings and fuselage areas onthe side of the aircraft facing open hangar doors, to 2-5 (L candles
under the wings and fuselage on the opposite side of the aircraft.

2. Lighting lewels beneath the aircraft were adequate only for gross Lisual inspection.

3. Inspectors often used a Flashlight as an aid during visual inspection, It should be noted, however, that the type of
Hazhlight used was not consistent among all inspectors even within a zingle aircraft operator, and varied considerably
bebwesn carriers.

4, Often it was found that the overhiead lighting used for general illumination was cowvered with dirt and paint, inhibiting fall
illumination capability.

B, Aircraft near the hangar doors were exposed bo higher illumination. Tlumination ranged from 16 fr candles to 114 f
candles.

E.  Lighting conditions were different during the day shift and night shift. During the night shift illumination ranged from
289-33 F. candles.

7. Supplemental lighting was often not provided under the aircraft, Measured leyels in these areas ranged from a day time
high of 42 Ft. candles bo a night bime low of 1.2 . candles.

8. The general lighting level inside the aircraft fuselage averaged between 1.5 it candles to 3 i candles.

9. Glare from open hangar doors within the inspector’s visual field was apparent.

0. ‘when using supplemental lighting [flashlight, helmet light, portable fluorezcent] the illumination an the aircraft surface
was increased, but glare was caused when searching inside the aircraft structure.

1.  Portability of supplemental lighting was often poorly designed, and not well integrated into the inspector's kit

Tahle 5.4 Ohzervations on Visual Ervdronment of Inspection from Task &nalysis Data

In designing lighting systems, the following factors need to be considered:

Recommended Light Levels for Different Tasks

The recommended illumination depends upon the type of task and whether the visual task is of high or low contrast. The Illuminating Engineering Society (IES,
1984) recommends that surface areas requiring visual inspection be provided with 75-100 ft. candles (800-1050 lux) of illumination. Vision can beimproved by
increasing the lighting level, but only up to a point, because the law of diminishing return operates (e.g., |ES Lighting Handbook, New Y ork, 1984). Increased
illumination could also result in increased glare. Older persons are more affected by the glare of reflected light than younger people, and inspectors are often senior
personnel within an organization.

Selection of Light Sources for Color Rendering

In the selection of artificial light sources one of the most important considerations is color rendering, i.e., the degree to which the perceived colors of an object
illuminated by various light sources match the perceived colors of the same object when illuminated by a standard light source. Color rendering could be important,
because often "change in color" of true sheet metal is used as a clue to indicate corrosion.

Direct and Indirect Lighting: Glare



The quality of illumination can be improved by reducing glare. Direct glare is caused when a source of light in the visual field is much brighter than the task
material at the workplace. Thus, open hangar doors, roof lights, or even reflections off awhite object such as the workcard can cause glare from surrounding
surfaces. Glare can be reduced by resorting to indirect lighting. Of particular concern is that in inspecting partially-hidden areas (e.g., inside access panels) the
lighting used to illuminate the defect may cause glare from surrounding surfaces. Carefully designed combinations of general area lighting, portable area task
lighting and localized spotlighting need to be produced.

Specialized Lighting

During visua inspection of an aircraft structure the inspector islooking for multiple defects, such as corrosion, ripples, hairline cracks, dents, missing rivets,
damaged rivets (e.g., "pooched", "dished" rivets), and rivet cracks.

It is possible that not one single lighting system is suitable for detecting all defects. Therefore, the use of a specialized lighting system for each class of defects may
be necessary. However, the use of specia light systems has one major drawback. It implies that the area must be examined for each class of defects sequentially
rather than simultaneously, which could involve time and expense. A typical exampleis the difference between genera illumination and the grazing illumination
provided by special purpose lighting. The diffused nature of general illumination tends to wash out the shadows while the surface grazing light relies upon showing
shadows to emphasize objects that project above or below the surface. Task visibility for surface topography is distinctly better with grazing light, whereas color
changes or corrosion may be better seen under genera illumination. An example of surface topography is the inspection of the fuselage for ripples. Ripplesare
easy to detect using surface-grazing light but general illumination tends to wash them out. However, strong side lighting may mask important color differences.

Design Requirements for Lighting

Studies of visual search have shown that the speed and accuracy with which the search process can be accomplished is dependent on the conspicuity of the defect,
which in turn is dependent on the size of the defect, defect/background contrast, and lighting intensity (see Section 5.3.3).

Lighting design has a clear impact upon the final two variables, but it has broader requirements to fulfill as visual inspection involves more than visual search.
Lighting should be designed such that the following tasks can all be performed satisfactorily and preferably optimally:

1. Inspection (visual search) of the aircraft fuselage for defects.
2. Reading the workcard/instructions.
3. Movement around the aircraft (using the scaffolding, or equipment, e.g., cherrypicker).
In addition, special purpose lighting should not interfere with any other parallel task in progress. In designing the visua environment, one must consider the

minimum lighting requirements for each task and subtask, the type of artificial light sources that can be used to illuminate the work surface, the amount of task
lighting that can be provided, and the available methods to minimize glare. These factors must be balanced with implementation and operating costs.

Since inspectors have to move to different areas on the aircraft during a single task and all areas may not be accessible to generalized lighting from a static source,
generalized lighting may be augmented from a combination of static portable sources, and then further augmented, if necessary, using flashlights.

It is proposed to use the Task Analyses performed so far and lighting surveys of the inspection work areas to determine the design requirements for lighting in
detail. The market will then be surveyed for available solutions (e.g., area lights, flashlights, headlights, stand lights) to choose a small number of promising
systems. On-site human factors evaluations of these lighting systems will be performed to determine which, if any, improves visibility of defects or other
indications to inspectors, while maintaining portability.

The specific steps to be undertaken for this project are:

1. Sitevisit and task analysisto determine specific visua regquirements and lighting requirements of tasks, and the current visual environment. Luminance
and illuminance will be measured throughout the hangar to determine consistency and adequacy. A checklist of visua factors (from Drury, 1990a) will be
used to assess the adequacy for the specific tasks performed.
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2. Survey market for available solutions to identify promising systems for illumination, diffusion and specialized lighting.

3. On-site human factors evaluation of selected lighting system to demonstrate advantages. Thiswill include performance evaluation (speed, accuracy)
aswell as operator acceptability and cost.

4. Produce aset of design recommendations which can be used as the basis for future lighting design.

5.2.3 FUTURE SHORT-TERM PROJECTS

The research will continue to focus on long- as well as short-term projects. These short-term, immediate payoff projects will study such topics as using portable
computers for development and evaluation of multi-level job cards. Such studies will involve airline and/or manufacturer participation to ensure that research results
and by-products can readily be transitioned into aircraft maintenance work environments.

5.3 LONG-TERM RESEARCH PROJECTS

From Phase | came awealth of Task Analysis data and descriptions of specific inspection and maintenance organizations at many carriers. In addition, information
from the FAA/OAM meetings, reports and visits to aircraft manufacturers and specialized equipment suppliers, gave a clear description of the inspection and

maintenance system to the human factors engineers involved. The Phase | report (Shepherd, et al., 1991) made afirst attempt to merge this data with existing and

current concepts in human factors. An obvious need was to perform this integration at a deeper level to guide the long-term human factors needs of the aviation
maintenance industry. During Phase I1, this step was undertaken; system demands were interpreted in terms of known human capabilities and limitations.

Thefirst fruits of this process were four reports which covered aframework for human reliability in thisfield, a detailed examination of the information
environment, an analysis of the effects of time on inspection (especially the speed/accuracy tradeoff), and a study of the improvement of training for visual
inspection. These reports are listed with other publications at the end of this section. The findings of each report are summarized in Sections 5.3.1, 5.3.2, 5.3.3,
5.3.4, and 5.3.5, augmented where necessary by off-line experiments. Additionally, ajoint venture between the FAA and the CAA on inspection is presented as
Section 5.3.6.

5.3.1 COMPUTER-BASED INSPECTION EXPERIMENTS

It became apparent that the traditional experimental work in aviation inspection was not always the best way to perform human factors evaluations. Studies of crack
detection probabilities (ref) have been large, costly, and complex, but have not addressed many of the human factors issues beyond the psychophysics of NDI
equipment. Factors such as training method, information environment, and time pressure have not been systematically considered. Thus, the need was recognized
for alow-cost but realistic simulator for aircraft inspection. Its purpose is not to provide a point estimate of the probability of detection of a given crack, but rather
to determine how inspection performance is affected by manipulable human factors such as those above. There is sufficient knowledge of models of human
inspectors (e.g., review by Drury, 1991) to be able to determine which aspects of the real task to retain if asimulator isto be "realistic".

Two simulation programs were implemented on a SUN Sparc station 1 workstation, one for an NDI task (eddy current inspection of rivets) and the other for a visual
task (visual inspection of rivets and sheet metal). These programs are discussed below.

5.3.1.1 NDI (Eddy-Current) Inspection Program

The inspection task consists of inspecting rows of fuselage rivets for cracks using an eddy-current probe. The simulator display consists of four windows (Figure
5.1) asfollows:
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Figure 5.1 NDI Inspection Task Simulation

Inspection Window. Thiswindow displays the rivets to be inspected. Six rivets per row are displayed at atime. The simulation program has the capability to
display multiplerivet rows at atime. During the training session acircleis placed around each rivet to help the subjectsin defining the optimal probe path around
the rivet for defect detection. On the upper right hand corner of this window thereis an indicator that is green when the subject isin the inspection mode. During
this mode, the subject is able to inspect and classify (defective/non-defective) the rivets, but has no access to any of the functions outside the current window. To
obtain access to these functions, the subject has to click the left mouse button near any of therivets. Thisresultsin acircular marker being placed around that rivet
and the inspection indicator light turns white, indicating the inspection mode is switched off.

Macro-View and Directionals. The macro-view in the upper left window allows the subject to have aview of the total inspection area and its relation to the aircraft
fuselage. Thus, for a400 rivet inspection task, while only six rivets are seen in the inspection window, the entire 400 rivets are marked (on asmaller scale) in the
macro-view. A click on the where-am-1 button places a circle around the area of the macro-view currently in the inspection window. Thus, the subject isableto
determine where he/she is at any point in time with relation to the entire task.




The directionals consists of four square areas marked left, up, right and down (L/U/R/D, clockwise). Clicking the left mouse button on any one of these areas shifts
the view (scrolls) in the inspection window in the indicated direction.

Eddy Current Meter. The defect indication is displayed on the meter indicator in the upper right window of the monitor screen. The meter has a fixed scale with
divisions marked from 0 to 100, and amoving indicator. A red marker is provided that can be set by the subject at any point on the scale. The deflection of the
needle (from its resting position at zero) beyond this set point (default = 60) produces an auditory alarm aswell as ared flash of the indicator light at the apex of the
meter.

The point of the needle is deflected if any of the following happen:

1. Themouse cursor is moved over acrack on therivet (the cracks themselves are not visible).
2. Themouse cursor is moved over agrey spot (indicating corrosion, or dent; randomly placed across rivets).
3. Themouse cursor isvery close to, or moved over, the rivet head itself.

Subjects are instructed that if the deflection is greater than 60% and they judge it to be from a crack, then the rivet should be marked bad.

Lower Right Window. This area contains functional (dialogue) buttons. Activation of the zoom button allows the subject to take a closer look at the current rivet to
be inspected. The zoom isincremental and magnifies the areato twice its original size (within the inspection window) at every click. A mouse click on the unzoom
area restores the inspection window to its original condition. Clicking on the "break" area stops al clocks and covers the inspection window to allow the subject to
take breaks. Clicking on the "clock™" area displays the time elapsed in the task. The other functional buttons includes "display non-routine card,” "display
workcard," and "turn rivet numbers on/off."

The program a so has the facility for recording the subject's assessment of workload using the Pearson Feeling Tone Checklist and the Modified Cooper-Harper
Scale. These two scales appear for response at the end of pre-set intervals.

5.3.1.2 Visual Inspection Program

To simulate visual inspection, the SUN Sparc station 1 is used with a program having similar logic and displays to the NDI program. The major differences are that
detection is visual, and that the eddy-current meter is obviously absent. In thistask the inspector searches for multiple defect types and classifies them into different
severity categories. The various fault types with their descriptions are:
1. Missing Rivet: A rivet missing from therivet hole.
Damaged Rivet: Part or all of therivet head is damaged resulting in jagged edges.
Pooched/Dished Rivets: Rivets with a center which appears raised or sunken.
Loose Rivets: Rivetsrunning loosein therivet holes.
Rivet Cracks: Crackswhich originate at the edges of the rivets and propagate upwards and outwards.
Dents. Sheet metal damage in the aircraft fusel age represented by sunken areas.
7. Corrosion: Damage to sheet metal surface represented by patches of discolored or raised skin.

Depending upon the severity of the defect type, the defects can be classified into critical and noncritical defects.

o~ wbd

The layout of the multi-window simulated inspection task is shown in Figure 5.2. The function of each window is as follows:
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Figure 5.2 Layout of the Simulated I nspection Task

Inspection Window. The area currently being inspected is shown in the left (large) window. To simulate the use of local lighting, such as aflashlight beam, only a
smaller window within thisareaisfully illuminated. Within this smaller window, faults can be seen and responded to by clicking them using the mouse button.
The entire area of the inspection window can be viewed by successive movements of the smaller illuminated window.

Search Monitor Window. Thisisamonitoring device which helps the inspector keep track of the window movement in the inspection window. It providesthe
inspector feedback as to the:

1. Point of previousfixation

2. The sequence (pattern) adopted by the

inspector

3. Theareacovered (viewed through the window) up to the current time.




The small illuminated window in the inspection window is represented by atile in the search monitoring window. Asthe window is moved, so doesthetile. The
tile has adifferent color from its illuminated background area. The background color changes to the color of the tile as the tile passes over it, indicating that the
corresponding areas have been fixated (covered by the window). The darkest shade of thetile is the point of previousfixation. The sequenceis given by the shade
of the color--lighter shades indicate earlier fixations in sequence while darker shades indicate later fixations.

Macro View Window. Thiswindow represents the entire task to be inspected, and can be looked upon as the global coordinate referencing system. Thus, it
provides information to the inspector as to his current position with reference to the entire task.

5.3.2 A FRAMEWORK FOR HUMAN RELIABILITY IN AIRCRAFT INSPECTION

Maintaining civil aircraft worthiness requires the reliability of acomplex, socio-technical system. This system's reliability is dependent on the reliability of its
components (i.e., equipment, inspectors, the physical environment), and on how reliably these components interact. Most errorsin aircraft inspection and
maintenance can ultimately be attributed, at some level, to a human-system mismatch. Operators may cause errors outright, or more likely, human information
processing limitations and characteristics may be "catalytic" factors (Rouse and Rouse, 1983), combining with other component characters to evolve "sneak
paths' (Rasmussen, 1982) to error situations.

The assessment of human error in complex systems is currently undergoing somewhat of a renaissance (Brown and Groeger, 1990). Classification schemes of errors
have expanded from the early "omission/commission” classification (Swain and Guttman, 1983 and Meister, 1971) to more behavior-based classifications (e.g.,
Norman, 1981; Rasmussen, 1982; Rouse and Rouse, 1983, and Reason, 1990). While error classifications based on task characteristics may provide a convenient
descriptive format for errors, error models based on human behavior can define causal mechanisms of errors. Identification of causal mechanisms and catalytic
factorsis necessary for predicting errors and thereby designing error tolerant systems. The approach taken hereis to use a behavior-based and system-based human
error classification scheme to identify, predict, prevent or reduce, and report errorsin aircraft inspection and maintenance.

This section focuses on describing a methodol ogy to accomplish these goals. Section 5.3.2 provides more detail in defining information flow, and deriving
information requirements which will prevent or mitigate the effects of information flow-related errors. Both this section and Section 5.3.3 are responses to FAA

project activities and exist elsewhere as two self-contained separate reports (Latorellaand Drury, 1991, and Drury and Prabhu, 1991, respectively). These reports
have been considerably abbreviated for their presentation in this report. Both efforts use Rasmussen's (1986) cognitive control levels and Rasmussen and Vicente's
(1989) systemic error mechanisms extensively as a conceptual foundation. Both efforts also begin with Drury's (1991) Failure Modes and Effects Analysis (FMEA)
of errorsin aircraft inspection and maintenance. These concepts and the FMEA are presented only in the first section to avoid redundancy. Asaresult, some of the
material presented in Section 5.3.3 is dependent on the theoretical and data analysis foundation described in this section.

5.3.2.1 Approaches to Human Error

5.3.2.1.1 Quantitative Approaches
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Early efforts to incorporate human performance in the evaluation of system reliability spawned the field of Human Reliability Assessment (HRA). These methods
attempt to assess human reliability with the same techniques used to assess equipment reliability (Meister, 1971). They seek to: (1) develop extensive databases of
human reliability datafor elemental tasks, (2) provide a method for combining these estimates to generate a measure of human reliability within the system, (3) use
this measure of human reliability directly, as the reliability of the human as a system component, in evaluations of total system reliability by Probabilistic Risk
Assessment (PRA). Early HRA methods are criticized for their overly-structured, and hence cumbersome, representations of the human'sinvolvement in systems.
HRA methods are also criticized for their inability to adequately represent the behavioral mechanisms of human errors and hence for their inability to prescribe,
rather than merely describe, systemsin terms of their propensity for error situations. Quantitative human error assessment techniques include decompositional
probabilistic methods (e.g., Fault Trees, Event Trees, Failure Modes and Effects Analysis), classical reliability theory based on Markov modeling, stochastic
simulation modeling, and a variety of other techniques (e.g., HCR, TESEO, SLIM-MAUD). These approaches are each described and critiqued in Latorella and
Drury (1991). Lock and Strutt (1985) have investigated quantitative human error modeling in the aircraft inspection and maintenance context.

5.3.2.1.2 Qualitative Approaches

Several researchers have arrived at behavior-based classification schemes for human errors. Those of Norman, Hollnagel, Rasmussen, and Rouse and Rouse are
described below. Elements of these schemes have been in approaches to managing errors in aircraft maintenance and inspection.

Norman. Norman (1980, 1981) classifies human error into two fundamental categories: slips and mistakes. Slips result from automated behavior when the
intention, the goal, is correct but some aspect of the execution is flawed. Mistakes, in contrast, are the result of flawed cognitive processes, such as formation of the
wrong goal. Slips are usually minor errors and are often evident and corrected by the perpetrator. Mistakes, however, are more serious errors, and are sometimes
opaque to the perpetrator. Mistakes are therefore usually difficult to observe and recover. Slips are partially due to limitations in attention and therefore are more
likely to occur in distracting, time-sharing, boring, or stressful situations. Norman identifies six types of slips: capture errors, description errors, data driven errors,
associative activation errors, loss of activation errors, and mode errors. Descriptions of these types of slips and examples related to aircraft inspection and
maintenance can be found in the original report (Latorellaand Drury, 1991). Norman's (1981) classification isintuitively appealing and useful for describing errors.
However, the slip/mistake classification is not detailed enough to describe what specific aspects of human information processing generate errors.

Hollnagel. Hollnagel (1989) introduces the conceptual distinction between error phenotypes and error genotypes. Error phenotypes are observable states which are
deemed undesirable. Error genotypes are the generative mechanisms of these observable states. Error phenotypes are manifestations of error genotypes expressed
in a particular environment. While Hollnagel allows that combining genotypes and phenotypes provides a more complete psychological description of human error,
he holds an empiricist's view for the purpose of system design: in order to automate error detection, errors can only be expressed in terms of phenotypes. He
therefore proposes a taxonomy to operationalize phenotypes, describe complex phenotypes (combinations of simple phenotypes), and to provide abasisfor a
computer program which detects error situations. Hollnagel's distinction between error phenotypes and error genotypesis important and is used in the development
of this paper's approach to managing aircraft inspection and maintenance errors.

Rasmussen. Rasmussen has contributed to HRA in two veins: he has developed models of human performance in an effort to identify fundamental causes of

human error, and he has related and defined the importance of qualitative human error modeling to system reliability. Rasmussen departs from the more traditional
approaches in his conceptualization of human error. He does not rely on the constrained definition of human error presented in most HRA techniques, rather he
states that what is human error is defined by not only the human, but by system and operational tolerances (Rasmussen, 1982). Rasmussen al so argues that human
errors defined by the outcome of events should not necessarily be attributed to a human having performed incorrectly. For example, should an error resulting from a
new situation be attributed to the human? If an error provides feedback about the system without compromising system functioning, should it still be considered
something to avoid? Rasmussen al so defines stipulations for collecting HRA error rate probabilities and states the case for qualitative error modeling to aid HRA in
ways that error rates can not, such as prediction and corrections of errors, especially of low probability, high impact "sneak paths'. Rasmussen (1982) developed a
classification of human error towards this end.
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The skill-rule-knowledge (SRK) framework proposed by Rasmussen (1986) classifies human behavior into three categories of ascending complexity: skill-based
behavior, rule-based behavior and knowledge-based behavior. Any decision is made at the lowest level possible, with progression to higher levels only when a
lower level failsto reach a decision.

Skill-based behavior represents psychomotor behavior without conscious control, consisting of automated routines that are driven by sensory data received as
"signals' from the environment (Rasmussen, 1986). Signals represent information that is a quantitative indicator of the temporal and spatial aspects of the
environment, and may trigger skill-based behavior by activating the automated behavioral routines of the human. Skill-based behavior is normally based on
feedforward control and proceeds without conscious attention.

From the aircraft inspection viewpoint, the movement of the pencil probe around arivet or a sliding probe along a stringer (arow of rivets) during, for example, an
eddy current inspection or an ultra-sonic inspection, represents skill-based sensorimotor performance involving some amount of feedback control. Similarly, the pre-
attentive phase of visual search, aswell as the extra-fovea processin extended visual search can be considered to be skill-based behaviors that are data driven and
based on feedforward control.

Rule-based behavior represents consciously controlled, goal-oriented behavior guided by rules or procedures for action. These rules are stored patterns of behavior
that have been empirically derived during previous occasions or communicated as instructions from an external source (Rasmussen, 1986). Information during rule-
based performance is perceived as "signs" which represent information that activates or modifies the rules and depicts situations or environmental features along
with the conditions to act (Rasmussen, 1986). Rule-based behavior proceeds towards a goal, utilizing feedforward control through rules and without demanding any
deeper reasoning on the part of the human.

In aircraft inspection, an experienced inspector interpreting the deflection of the ultra-sonic meter, or the pattern traced on an oscilloscope during eddy current
testing, can be assumed to be indulging in arule-based behavior if the "signs' are familiar. Similarly, the extra-foveal processin search where cues on the periphery
guide the next fixation can be considered a rule-based behavior. Rule-based search can also result from information gathered in the foveal component, for example
bulging of aircraft skin triggers search for corrosion. Pre-determined search strategies, as a result of past experience, training, or work card instructions, can also
lead to arule-based behavior.

Knowledge-based behavior represents goal-controlled, problem-solving performance in unfamiliar situations. It requires afunctional understanding of the system,
analysis of the current state, and response of the environment based on conscious, advanced reasoning while utilizing feedback control for error correction
(Rasmussen, 1986). During knowledge-based behavior, the human perceivesinformation as "symbols', i.e., concepts about the functional aspects of the
environment which refer to an internal representation that can be used by the human for reasoning (Rasmussen, 1986).

In aircraft inspection, knowledge-based behavior can occur in NDI, for example during eddy current testing of rivets, when the inspector sees a curve traced on the
oscilloscope screen of a shape never encountered before. 1n this case the inspector has to use the knowledge of eddy current technology, knowledge about the
instrument, knowledge about the aircraft, etc., to interpret whether the signal represents a crack or not. Along similar lines, the use of cues to detect visual defects
needs active reasoning (knowledge-based behavior) until the association of the cue to the defect is confirmed, in which case the cue will trigger rule-based behavior.

Rasmussen (1982) provides a framework for classifying causes of human error as afunction of situational and task characteristics and the error phenomenon. Basic
error mechanisms are derived through the use of a human information processing model, linking human decision-making and responses to internal processes. His
model can be used to describe human behavior over the three levels of cognitive control, and can be used to indicate decision aiding devices and training needs at
these different levels. He specifically mentions that systems must be designed with interlocks and barriers where it is unreasonabl e to expect operators not to err and
that systems should allow errorsto be observed and reversed. A related work (Rasmussen and Vicente, 1989) identifies four systemic error mechanism categories:
(1) effects of learning and adaptation, (2) interference among competing control structures, (3) lack of resources, and (4) stochastic variability of individuals.
Rasmussen and Vicente (1989) describe examples of errors within these categories and cognitive control levels (see Table 5.5). Similarly, Drury and Prabhu (1991)

used the cognitive control classification to organize error shaping factors (see Table 5.6).
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EFFEZTS OF LEARHING AMD ADAPTATION:

Search for information and hypothesis testings in nowvel situations may lead to acts which are
judged as errors after the Fact;

The law of least effart may lead toounderspecified cues;

Optimization of motor skill needs feedback from boundaries of acceptable performance [speed-
accuracy tradecff];

COMFETIMG COMTROL STRUCTURES:

Falze analogies; interference in means-end hierarchy;
Functional fivation; adherence to Familiar rules;
Capture by frequently used mokor schemata;

Limitations of linear reasoning in causal netwark.s; insufficient knowledge, time, farce, ek,
Inadequate memory For rules;
Lack of speed, precision, Force;

STOCHASTIC VARIAEILITY:

Slips af memaory in mental models;

Erroneous recall of data or parameters related 1o rules;

‘Wariability of attention; wariability of motor parameters, motor noise [variation in force, precision
of mouements);

Tahle 5.5 Potential Errors Described by Lewel of Cogrittee Control and Systerns Error Dechanisros

(Fasmussen and Vicente, 1989)

KHOWLEDGE-BASED ERROR SHAPING FACTORS

Infarmation Cverload
Incotmplete Knowledge
Delaved Feedback
Eounded Rationality

Mermory Cueing

= Excesszive demands on memary,

= Hhowledge lacking on system dynamics, parameters, side effects, etc.

* Delays in feedback concerning the execution of decisions.

= Limited cognitive capacity relative to problem size leads to satisficing
behawior.

= Familiar information in LT iz cued by problem content.

Inzufficiert Consideration of Process = Past history disregarded when handling dynamic current events.

Causzal Series Vs Mets
Attentional Limitations
Confirmation Bias
“agabonding
Overconfidence
Memary Slip

Selectivity

Eiazed Reviewing
lluzary Correlation
Lack of Resources
Complexity Problems

= Cwersimplification of causality, thinking in terms of immediate goals.
* Finite rezources of attertional processes,

= Tendency to maintain current bhypothesizs facing contradictory evidence.
= Moving amongst issues withowt detailed considerstion of any one.
= Excesszive belief inthe correctness of one's own knowledge,

= Memory failure due ta faulty activation of schemata.

result.
= Errar in revieswing planned course of action.
* Failure to detect correlstion or understand the logic of covariation.
= Lack of mental capacity for causal reasoning, insufficient knowledge.,
* Problems in understanding system due to itz complex nature.

I EC DD AN CNOain CuaaniiyS CE AT T,

= Selectively process information. Attertion to wrong festures of task can




RULE-BASED ERROR SHAPING FACTORS

Aovailability = Tendency to use intuitive rules or uze rules that readily come to
i,

Courtersigns * These are input indications that the more general rule iz
inapplicable.

Rigicity * Mindszet (cognitive conservatizm) results in refusal to change
farniliar procedure.

Encoding Deficiency * Encode inaccurately or fail to encode the properties of the problerm
Space.

Inadvizable Rules * Rulesthat zatizfy immediate goalz but can cauze errors due to side
effects.

Wirang Rules * Rulesthat are wrong for the current situation.

Inelegant Rules * Rulesthat achieve the goal but are inefficient.

First Exceptions = Errors caused on first occasion that is an exception to the general
rule.

SKILL-BASED ERROR SHAPING FACTORS

Omissions = Omission of actionsfaction sequences needed to achieve a specified
goal.

Perceptual Confusion = A familiar match iz accepted instead of the correct match.

SATO = Zpeed accuracy tradeoff.

Motar Schemata Capture * Focusszed attertion absence leads to takeover by frequently used
zchemata.

Stochastic YVariakbility = Yarighilty in control of movements.,

Reduced Intentionality = Delay between intention and action.

Repettionz = Actionz that are unnecessarily repested.

Rewverzals * Unintertionally reversing an action just committed.

Irterference * Potertial problems stemming from concurrent activities.

Tahle 5.6 Definttions of Error Shaping Factors (Prabhu, Shart and Drory, 1992)

Rouse and Rouse. Rouse and Rouse (1983) propose a behavioral classification scheme for human errors which borrows heavily from Rasmussen's contributions.
They attempt to analyze human error in terms of causes, aswell as contributing factors and events. Their scheme organizes human errors around Rasmussen's flow
model (1976) of an operator's information processing task. This model gives the following stepsin task performance:

1. Observation of system state
Choice of hypothesis
Testing of hypothesis
Choice of goa

Choice of procedure
Execution of procedure.

o~ wWwDd



This classification scheme has been used to record and analyze human errorsin several contexts: (1) detection, diagnosis, and compensation of engine room failures
in a supertanker (van Eckhout and Rouse, 1981), (2) human errorsin troubleshooting live aircraft power plants (Johnson and Rouse, 1982), and (3) aircraft pilotsin
mission flights (Rouse, Rouse and Hammer, 1982). Results of these studies have been applied to the improvement of training programs and the development of
checklists and other decision aids.

5.3.2.1.3 Human Error in Aircraft Inspection and Maintenance

Whereas previous research in aircraft inspection and maintenance has utilized various empirical human factors techniques, this effort uses a behavior-based human
error modeling approach, housed in a conceptual aircraft inspection and maintenance system model (see Figure 5.3). The system model provides aframework for
error classification and therefore, a basis for improved error management. The following section describes the system model of aircraft inspection and
maintenance. The final section details how the model might be useful for managing aircraft inspection and maintenance errors.
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Figure 5.3 System Mode

5.3.2.2 A System Model for Human Error in Maintenance and Inspection

The fact that errors emerge from, and are defined by, the interaction of system characteristics, indicates the necessity of a system approach to the description and
control of these errors. Such a system view of aircraft inspection and maintenance includes not only the traditional interaction of the operator and task requirements,
but a so includes operator interactions with equipment, documentation, and other personnel within the constraints imposed by the environment. The system model
(Latorellaand Drury, 1991) contains four components: operators (personnel), equipment, documentation, and task requirements. These components are subject to
constraints of both the physical environment and the social environment. The job component can also be considered as a subset of the organizational environment
in which tasks are defined. Similarly, the workspace component is a subset of the physical environment. This conceptual model istwo dimensional as shown in
Figure 5.3. The temporal sequence of the individual tasks defines an axis orthogonal to the page. All other system elements interact with the current task component

as shown in the plan view. Each individual task is subject to different combinations and degrees of influences from other system components, presented below.

Operators. Aircraft maintenance and inspection oper ator s (O) differ between organizations but belong in the same basic categories: inspectors (perhaps
distinguished as either visual or NDT), maintenance, utility, lead inspectors, lead maintenance, inspection foremen, maintenance foremen, production foremen, and
engineers. In addition to carrying out sequences of activities, personnel serve asinformational resources to each other. Communication between personnel can be
viewed as an information processing task similar to referencing a document. The organizational structure of the system imposes constraints on the amount of,
format of, and the personnel likely to engage in, collaborative problem-solving communications. The affective and physical characteristics of people are aso
important. Anindividual's affect can influence motivation and hence, performance. Physical characteristics affect perception (e.g., visua acuity), access (e.g.,
anthropometry), and other tasks.

Equipment. Both visual and NDT inspection use equipment (E). There is specialized equipment for different types of NDT, including: eddy current, ultrasonic,
magnetic resonance, X-Ray, and dye penetrant. Visual inspection requires flashlights, mirrors, and rulers. Use of this equipment requires specialized knowledge of
its operating principles, and equally specialized knowledge for the interpretation of its output. Interpretation of visual stimuli or NDT output necessarily requires
information processing by the operator, but may also require communication with other personnel. The ability to perceive the information present in the visual
stimuli or NDT output may be affected by environmental conditions, such as poor lighting. The ability to operate NDT equipment properly may also be affected by
environmental factors. For example, some temperature and humidity combinations make precise movements difficult.

Documents. A variety of documents (D) isrequired for ingpection and maintenance. Workcards, which may include graphics and references to more
comprehensive standards manuals, specify the task to be performed. Forms (shift turnovers, NRRs) are used to communicate between personnel and to document
procedures, while additional documentation is used for training and retraining purposes. The ability to communicate effectively through documentation is based on
many factors. The fields specified on forms dictate the information and the structure of that information. Physical characteristics of forms, documents, and graphics
affect the legibility of information and therefore, impact the ability to accurately perceive thisinformation. Issues of comprehension are important for understanding
the content of documents. |ssues of representation are central to ensuring that graphics are appropriate and useful.

Task. A task (Ti) isdefined as the actions and elements of one workcard or similar task order. Task characteristics which have been found to influence inspection
include: defect probability, physical characteristics of the defect, the number of seria inspections, feedforward and feedback availability, and whether standards are
used (Rodgers, 1983). These aspects of the task necessarily interact with personnel, organizational, job, and environmental characteristics. Personal information
processing biases may interact with the task structure and present problems such as searching in the wrong area. The definition of adefect is part of the task which
is ultimately established by the organization. An indication, which implies adefect, is defined as that magnitude which indicates that, given the cost/benefit tradeoff
of repairing versus not repairing, arepair should be performed. The organization aso dictates whether feedforward, feedback, and standards are used in inspection.
The interaction of task characteristics and job characteristics may produce effects on inspection performance. The probability of defects affects the arousal level of
an inspection and the expectation of finding afault, which is aso affected by the length of time an inspector performs atask and by physical factors such as fatigue.
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Job. Jobs (J) are defined by the collection of tasks that an individual is expected to perform. However, there are many characteristics of the job which can not be
described by the characteristics of itsindividual tasks. Job factors are derivative of the organizational environment and provide constraints for tasks (e.g., shift
durations, work/rest cycles, day/night shifts, job rotation policies). These can further impact personnel physical (e.g., fatigue, eyestrain), affective (e.g., motivation,
job satisfaction), and information processing (e.g., attention allocation) characteristics.

Workspace. The workspace, a subset of the physical environment, contains the task and the equipment, documentation, and personnel required to perform the
task. Whileillumination is an attribute of the physical environment in general, task lighting (such as a flashlight) is an attribute of the workspace. The degree of
physical access afforded by the workspace is an important constraint on performance. Both these issues are currently being researched under continued funding on
this contract (Gramopadhye, Reynolds, and Drury, 1992).

Physical Environment. The physical environment is described by several parameters: temperature, noise level and type of noises, lighting level and light
characteristics, and electrical and chemical sources. While some of these factors can either enhance or degrade performance, others indicate potentially hazardous
conditions. Thelevel and spectral characteristics of lighting affects the perception of fault indications. Impulse noises interrupt tasks and may result in skipped or
unnecessarily repeated procedures. The level and frequency characteristics of noise affect the ability to communicate. Examples of hazardous conditionsin the
physical environment are exposure to X-rays emitted during X-ray NDT and fuel fumes encountered when inspecting the inside of afuel tank.

Organizational Environment. The organizational environment, often ignored in the analyses of maintenance systems, has been shown to be influential in the
patterns of work (Taylor, 1990) and therefore, possibly in the patterns of errors. Factors which have been identified as important include: the organization of work
groups (or conversely, the isolation of workers), reporting structures, payoff structures associated with task performance, trust within one class of personnel, trust
between classes of personnel and levels of personnel, selection/placement strategies, and human-machine function allocation of control and responsibility.
Organizational constraints are infused into every level of the organization. Regulatory agencies such asthe FAA, JAA, and CAA mandate organizational form to
some extent. Each organization has operational strategies and goals. These external and internal goals of the system, and constraints on the system are
operationalized into changes in organizational structure, physical environment, task procedures, job descriptions, and personnel (skilled or trained).

Using the System Model. Themodel in Figure 5.3 is useful for depicting the goals of the system and therefore the functions that should be supported. The goals of
the system are defined by the requirements of the personnel component in isolation and in conjunction with other system components. The personnel component is
primarily described in terms of information processing characteristics and limitations. These characteristics influence the behavior of individuals and their
experience with other system components. The functions associated with the performance of tasks, use of equipment, and communication with co- workers are
subject to error and are therefore of primary concern. These functions are then considered within the constraints of environmental factors which may affect error
formation and/or propagation. Drury, Prabhu, and Gramopadhye (1990) have compiled a generic function description of the maintenance inspection task
requirements as presented in Section 5.1. The desired outcome for each of the task functions (Drury, 1991) which can be considered as the task's goal can be stated

and, following Drury (1991), decomposed into the steps taken to accomplish the desired outcome (see Table 5.7).

Task 1 - INITIATE 141 Carrect instructions weritten.
2 Correct eguipment procured.
3 Inzpector gets instructions.
4 Inzpector reads instructions.
14 Inzpectar understands instructions.
G Correct eguipment available.
7 Inzpector gets equipment.
=] Inzpectar checksfcalibrates equipment.

Task 2 - ACCESS 2.1 Locate area to inspect.
2.2 Areato inzpect.
2.3 Access area to inspect.
Task 3 - SEARCH a1 Move ta next lobe.

3.2 Enhance lobe (e.qg. illuminate, magnify for vizion, use dyve penetrant,
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Enhance lobe (e.qg. illuminate, magnify far vizion, use dyve penetrant,
tap for auditory inspection).

3.3 Examine lobe.
34 Sense indication in lobe.
34 Match indication against list.
36 Remember matched indication.
3y Remermber lobe location.
38 Femember access area location.
34 Move to next access area.
Task 4 - DECISIOHN 41 Interpret indication.
4.2 Access comparizon standard.
4.3 AcCess measuring equipment.
4.4 Decide on if it iz a fault.
45 Decide on action.
46 Remember decisionfaction.
Task 5 - RESPOHNHD 5.1 Mark fault on aircraft.
2.2 Record fault.
5.3 Wirite repair action.
Task 6 - REPAIR 6.1 Repair fault.
Task 7 - BUY-BACK 7.1 Initizte:.
7.2 Access,
7.3 Search.
74 Decizion.
F=) Respond.

Tahle 5.7 Detaled Breakdown of Atrcraft Mamtenance and Inspection by Task Step




Note that the use of equipment has been included within these task descriptions and therefore would not be considered separately. The most ambiguous situations
encountered during aircraft inspection and maintenance typically result in an individual referencing another individual or a document for additional information.
These situations are underspecified and are usually unanticipated. It isfor these reasons that understanding the communication errors which may occur at these
juncturesisimportant. The type of communication of interest here isonly that related to task performance, although other forms of casual communication, not
discussed here, may indicate important aspects of the organizational and socia structure of the system.

Errors must be described in the situational context in which they occur in order to identify contributing factors. Table 5.8 shows some relevant characteristics of

system components with which the individual may interact for the “initiate' task. Relevant characteristics of each system component can be identified for observed
errors. The effect of these factors on performance has been suggested in many studies; however, the manner in which performance is affected, especially by
combinations of factors, requires additional empirical investigation.

1.0 PERSOMMEL 5.0 JOB
1.1 Physiological 2.1 Physical Factors
1.2 Paychological 5.2 Social and Organizational Factors
1.5 Personality 6.0 ORGAMNZATIONALSOCIAL
2.0 EQUIPMENT 6.1 Structure
2.1 Hand Tools 6.2 Goalz
22 Dizplays B3 Trust
2.3 Contral 6.4 Motivational Climatedncertives
3.0 DOCUMEMTATION 6.5 Function AllocationsJob Design
31 Type of Information Included .6 Training/zelection Methods
3.2 Style (Intelligilility) 7.0 PHYSICAL EMYIROMMENT
3.3 Formatting (Visual Clarity) 7.1 Lighting
34 Cortert (Usefulness, 7.2 Moize
Appropristeness, Yeridical) 7.3 Temperature'entilation
3.5 Legibilty (Physical) 7.4 Chemical Hazards
4.0 TASK 7.5 Mibration
4.1 Physical Requirements 7.6 Electrical Shock Hazards
4.2 Informational Reguirements 5.0 WORKSPACE
4.3 Characteristics 2.1 Proximity
3.2 Anthropometrical Constraints

Tahle 5.8 System Component Influencing Factors

5.3.2.3 Previous Research in Human Error and Aircraft Inspection and
Maintenance

There has not been a great deal of research on human error specifically related to inspection and maintenance, less till targeted to the inspection and maintenance of
aircraft. Three approaches are discussed below which address this specific research area. Lock and Strutt (1985) employ afault tree analysis approach to
investigating and quantifying human error in aircraft inspection. Drury (1991) developed an error taxonomy of aircraft inspection based on afailure modes and
effects analysis. Drury (1991) aso has shown a classification scheme for aircraft inspection errors based on Rouse and Rouse's (1983) behavioral framework for
investigating errors. These contributions are reviewed below.
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Lock and Strutt (1985) begin their reliability analysis of inspection with a microstructural model of the inspection process. They use this model to "develop aflow
chart (Figure 5.4) which describes atypical inspection activity in which visua information is used to trigger further investigation using other senses' (Lock and

Strutt, 1985, p. 71). They note that while particularly suited to area checks, the scenario is generally applicable to awide range of inspection tasks. These authors
then analyze the flow chart for error-likely situations and they identify six potential errorsin the inspection process:

Schedule Error (E1)  Wrong execution of either of the two tasks: "identify next inspection” or "moveto location."

Inspection Error (E2)  Not seeing a defect when one exists.

Inspection Error (E3)  If human induced, due to either "forgetting to cover an area" or "covering the areainadequately". May also be a schedule error.
Error of Engineering Judgement (E4)  An error in deciding whether the areain which adefect isfound is significant or not.

Errorsin the Maintenance Card System  Arises because the work cards

(E5) themselves may not be used to note defects on the hangar floor immediately as they are
found.

Error in Noting Defect (E6)  The error is noted incorrectly or not noted at all.
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Figure 5.4 Inspection Model Flowchart (Lock and Strutt, 1985)

The authors recogni ze that these errors may co-occur to form compound errors. Lock and Strutt (1985) take a fault tree analysis approach to the inspection process
with "inspection failure" as the top event (Figure 5.5). They note the difficulty of quantifying the probabilities needed for this type of analysis and make the
necessary assumptions (i.e., indicating performance-shaping factors relevant to inspection, estimating their relevance at each step, and estimating probabilities of
detection at different conditions in the model). Five performance-shaping factors (PSFs) were identified as relevant to aircraft inspection: accessibility of the aircraft
area, lighting (general area), access and eyeball enhancement tools, motivation and attitude, and work method (Lock and Strutt, 1985). These PSFs were given
relative weights to indicate their importance for each step in the inspection process. The authors propose, but do not actually perform, the fault tree analysis.

Figure 5.5 Inspection Error Fault Tree (Lock and Strutt, 1985)


http://localhost/HFAMI/lpext.dll?f=FifLink&t=document-frame.htm&l=jump&iid=607cc687.1bc10c5d.0.0&nid=334f#JD_P2Figure55

Drury (1991) developed an error taxonomy from the failure modes of each task in aircraft inspection. This taxonomy has been developed based on the recognition
that a pro-active approach to error control is needed to help identify potential errors. Thus, the taxonomy is aimed at the phenotypes of error (Hollnagel, 1989), that
is, observed errors. Using the generic function description of the maintenance and inspection system (Drury, et a., 1990), the goal or outcome of each function was
postulated as shown in Table 5.7. These outcomes then form the basis for identifying the failure modes of the task. Towards this end, the tasks within each function
were listed and the failure modes for each identified. These included operational error data obtained from observations of aircraft inspectors, and discussions with
inspectors, supervisors, and quality control personnel involved in the aircraft maintenance task, over aperiod of two years (Drury, Prabhu and Gramopadhye, 1990;
Drury, 1991). A sample of the error taxonomy (Drury, 1991) is shown in Table 5.9.

TASK ERROR{5)

TASK 1 -- IHITIATE

11 Correct instructions weritten. 111 Incorrect instructions .
Incomplete instructions.
Mo instructions available.

1.2 Carrect equipment procured. 1241 Incarrect equipment.
122 Equipment not procured.

1.3 Inzpector gets instructions. 1341 Failz 1o get instructions.

1.4 Inzpector reads instructions. 1.4 Failz to read instructions.

142 Partially reads instructions.

1.5 Inzpector understands 1.51 Failz to understand instructions.
instructions. 152 Mizirterprets instructions.
153 Does not act on instructions.

16 Carrect equipment available. 161 Carrect equipment not availakle.
162 Equipment iz incomplete.
163 Eqjuiptment iz not waorking.

1.7 Inepector gets equipment. 1.7 Gets wrong equipment.
172 Gets incomplete equipiment.
173 etz non-working equipment

1.8 Inzpector checksicalibrates 1.8 Failz to checkicalibrate.
equipment. 182 Checksicalibrate incorrectly.
Tahle 5.9 Sample of Aircraft Maintenance and Inspection Errors by Task Step

The error framework developed by Rouse and Rouse (1983) has been used to record and analyze human errorsin severa contexts: (1) detection, diagnosis and
compensation of engine control room failuresin a supertanker (van Eckhout and Rouse, 1981), (2) human errors in troubleshooting live aircraft power plants
(Johnson and Rouse, 1982), (3) aircraft pilotsin mission flights (Rouse, Rouse, and Hammer, 1982). Results of these studies have been applied to the improvement
of training programs and the development of checklists and other decision aids. Drury (1991) has shown how this scheme may be used to classify errors occurring
in both visual and NDT inspection tasks (see Table 5.10).
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LEVEL OF PROCESSING POSSIBLE ERRORS
1. Dbzervation of System State Failz to read display correctly.
2. Choice of hypothesis Inztrument will not calibrate; inspector assumes battery too low
3. Test of hypothesis Failz to uze knowledge of MiCads to test.
4. Choice of goal Decides to zearch far new battery.
5. Choice of procedure Calibrates for wrong freguency.
. Execution of procedure Otz range calibration step.

Tahle 5.10 Example of Possihle Errors for Task Step of Calibrate NDI Equipment (from Drory, 1991)

5.3.2.4 An Approach to Aircraft Inspection and Maintenance Error
Management

Error management may be considered as a three part objective. Errors which are evident in an operational system (error phenotypes) must be identified and
controlled. Secondly, in order to reduce the likelihood of unanticipated error situations, errors must be predicted and systems must be designed to be error tolerant.
Thirdly, error reporting systems must provide error and contextual information in aform which is appropriate as feedback to personnel. Operators may then use this
information to adjust their error control and prevention strategies or alter environmental characteristics. This section presents strategies for error control and
prevention through error-tolerant systems. Finally, the need for a context-sensitive error reporting scheme is discussed. Error phenotypes (Hollnagel, 1989), the
specific, observable errorsin a system, provide the foundation for error control. Error prevention and the development of design principles for error avoidance rely
on genotype identification (Hollnagel, 1989), associated behavioral mechanisms, and their interaction with system characteristics (Rasmussen and Vicente, 1989).
Here, error phenotypes are obtained empirically and from afailure-mode-and-effects analysis of task and communication models. These phenotypes are considered
in light of their ability to be self-correcting and the type of error which they represent. They are further characterized by the relevant aspects of the system
components with which they interact. The resulting list of phenotypes, their error correctability and type, and the pertinent situational factors, allow designersto
recognize these errors and design control mechanismsto mitigate their effects. Rasmussen and Vicente's (1989) methodology is used to identify genotypes
associated with each phenotype. This methodology yields the mechanisms of error formation within the task context.

This information in conjunction with consideration of influencing situational variables can predict the forms of novel errors and suggest design principles to prevent
error formation and/or contain error propagation.

5.3.2.4.1 Error Control and Prevention

Error control is appropriate for the expedient eradication or mitigation of error-situation effects. However, there is much wisdom in the adage "an ounce of
prevention is worth a pound of cure:" error prevention is more efficacious than error control. Error prevention requires error prediction and the design of error-
tolerant systems.



Error control strategies can be derived by classifying error phenotypes according to components of the system model (see Figure 5.3) and according to Rasmussen
and Vicente's (1989) systemic error mechanisms. This classification framework aids in suggesting intervention strategies appropriate to the error and the system
componentsinvolved. The system model provides a useful means of classifying observed errors and relating them to specific human factors interventions. There
are anumber of personnel factors of general importance to controlling errors. Personnel interactions are extremely important aspects of the performance of the
inspection and maintenance tasks. These interactions can be immediate but are also accomplished through the use of forms and notes which allow personnel to
communicate with fewer temporal and spatial constraints. Communication is information transferred between not only personnel but between personnel and
documentation. This extension of the common use of "communication” islogical given that documentation can be considered as a limited, static representation of
some individual's (or group's) knowledge. Equipment should be designed to support task requirements and accommodate human information processing
characteristics. The job and the individual tasks should be designed such that they can be accomplished at the desired level of performance, for the desired duration
of performance, without physical or affective stress. The physical and organizational environments should be designed to enhance task performance and ensure the
safety and motivation of personnel.

Various intervention strategies have been suggested for the control and prevention of errors. Rouse (1985) identifies five general interventions and proposes a
mathematical model for describing optimal resource allocation among the strategies. These five general categories are also reflected in the more detailed listing of
intervention strategies proffered by Drury, et a., (1990). These interventions have been tailored to the aircraft inspection context and were classified as either short-
term or long-term strategies. The intervention strategies from these two sources are described in detail in Tables 5.11, 5.12, and 5.13. Table 5.11 presents a
compilation of the intervention strategies and design guidelines proposed by Rasmussen and Vicente (1989), Drury, et a., (1990), and Rouse (1985). These
intervention strategies and guidelines are classified by the level of cognitive control (Rasmussen, 1986) which they affect and the type of systemic error (Rasmussen
and Vicente, 1989) they address (see Table 5.12). Intervention strategies can also be classified by the component(s) of the aircraft inspection and maintenance
system they alter. Table 5.13 presents the compiled intervention strategies and design guidelines classified by levels of cognitive control, systemic error and system
component. Further refinement of classification within system components (see Table 5.8) is possible with the aid of a more detailed decomposition of these
components (see Latorellaand Drury, 1991).
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30.
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32
33
4.

35,

SHORT-TERM INTERVEHTIOHS {Shepherd, et al., 1991}
Wiorksheet design
MOl equipment calibration procedures
MOl equipment interface
MOl equipment labeling of standards
Support stands
Area localization aids
Standsfareas for MDI equipment
Improved lighting
Optical enhancement

. Improved MDI templates
. Standards available at the workplace

Pattern recognition, job aids

. Improved defect recording

Handz-free defect recording

. Prevention of zerial responding (inadvertent signoff)

Integrated inspectiontepairbuy-back - improve written cammunication

. Integrated inspectionirepairbuy-back - improve verbal communication

LOHG-TERM INTERVEHTIOHS (Shepherd, et al, 1991 and Rouse, 1985)

. ldertification of errars - error reporting

Integrated information systems (feedback, feedforvward, directive)

. Training
. =electioniplacement

ERROR REDUCTIOH RESOURCES (Rouse, 1985)(alzo notes training and selection)
Equipment design
Job design
Aicding
RASMUSSEH'S “COPIHG" GUIDELIHES

{Rasmussen and Vicente, 1939)
fdake limitz of acceptable perfarmance visible while still reversible.
Pravide feedback on the effects of actions to cope with time delay.
Make latent conditional constraints on actions visible.
fake cues far action put only cornvenient signs, but alzo represent the necessary
preconditions for their walidity (zymibalic]).
Supply operators with tools to make experiments and test hyvpotheses,
Allowy rmonitoring of activities by overviewy displays.
Cues for action should be integrated patterns bazed on determining attributes (symbalic representations).
Suppoart memary with externalization of effective mental models.
Present information at level most appropriste for decizion making.
Prezert information embedded in a structure that can zerve as an externalized
merital madel.
Suppoart memoary of temms, acts, and data which are not integrated into the task.

Tahle 5.11  Error Management Strateges




S5YSTEMIC
ERRORS

LEVELS OF COGHITIVE CONTROL

SKILL

RULE

KHOWLEDGE

Learning and Adaptation

§,11,12, 20,22, 24, 25

1,2,11, 20,22, 24, 25

1,13, 16,17, 18,19, 20,
22,2426, 27,29

Interference Among
Competing Control
Structures

12,14, 23, 24, 30

3,11,20,22, 23, 24, 31

1,3,15,18,17,18, 20, 23,
24, 32

Lack of Resources

33

33,34

1,3, 4,13,16,17,19, 20,
21,22,23, 24,33, 34

Stochastic Variability

2,3,56,7,8,9,10,12,14,
16,17,20,21, 22, 23, 24,
35

2,11,14, 16,17, 20, 21, 22,
24,35

416,17, 20,21, 22,33

Table 5.12

Error Managetent Stratemes by Systetnic Error and Level of Cogrutive Control




SYSTEM ELEMENTS

Levals of
Systemic Cognitive Physleal | Organiza
Emrors Controd Task Personnel Job Workspace | Equipmment | Documentation | Enwiron. | Environ.

LEARNING Skill 611,12 | 20 & 6222425 | 6,24 25

Ruls 11.28 20 11,22,24.28 | 1,2,24.28

Krowladge 13,19, 16171820 | 16,17, 13,15,22, 1,16,19.24 17,1829

26 26,29 24.26,27.29

INTERFERENCE | SkHI 12,14 23,30 14,2430 24

Rule 11 20 23 3112224, | 24

31
Knowledge 19,32 168,17.20 15,16, 3.19 1,16,19,24 32 15,17.32
17.23,
az

LACK OF BkHI >3
RESOURCES

Rula 33 a3.34

Knowledge 13,18, 1647.20,21 | 1617, 341318, 1,16,18,24 33,34 17

34 23,34 22,24,353.34
STOCHASTIC Skill 612,14 | 161720, 23 5678 358,70 8,24 B
VARIANCE 21,35 10,14,22,
24,35
Aule i1 16,1720, 11,22,24,35 | 22435
21,35
Knowledge 16,1720, 18,17 42235 16,35 17
21,35

Table 5.13 Error Management Strategies by Systemic Error, Levels of Cognitive Control, and System Component from Figure 5.3




The above methodology was devel oped to control errors, i.e., for error phenotypes which are observable errorsin the system. An extension of this methodology
provides a means by which intervention strategies can be identified to control unanticipated errors once they occur. In this extension, error genotypes, rather than
the aforementioned phenotypes, are classified according to the system model, using Rasmussen and Vicente's (1989) systemic error categories and Rasmussen's
levels of cognitive control (Skill, Rule, Knowledge). This characterization of error genotypes allows prediction of possible, but so far unanticipated, error
phenotypes. Unanticipated errors can be predicted by considering tasks at each level of cognitive control and each error mechanisms' possible perturbation of
performance within the context of the specific system componentsinvolved. Given an error genotype cell, intervention strategies (which aso have been classified
by system component, systemic error mechanism, and cognitive control level (see Table 5.13) can be identified for its control.

5.3.2.4.2 Error Tolerant Design in the Aircraft Inspection and

Maintenance System

An error tolerant system has been defined as a system which ensures that recovery from errorsis possible, in the sense that actions are reversible and/or that the
system isresilient to inappropriate actions (Rouse, 1985). Reason (1990) suggests that one way of making systems more error tolerant isto identify "those human
failures most likely to jeopardize the integrity of the plant and to defend against them by engineered safety devices or procedures’ (p. 233). For example, the "30-
minute rule" allows nuclear power plant operators 30 minutes of thinking time in an emergency through the use of automatic systems which can return aplant to a
safe state without human intervention. Reason also notes that, where these safety devices are themsel ves subject to human errors, independent, redundant systems
should be provided (p. 233). The design of error tolerant system procedures and devices can be guided by the error control and prediction framework previously
described by incorporating interventions in plant and operating procedure design.

5.3.2.4.3 An Approach to Reporting Aircraft Inspection and Maintenance

Errors

Currently, error reports are primarily used for documenting error situations for administrative purposes by internal or external regulatory agencies. There are many
different regulatory mechanisms for reporting errorsto the FAA. In addition, the Air Transport Association (ATA) has proposed modificationsto those. All of

these reporting systems have the following common features:

1. They areevent driven. The system only captures data when a difficulty arises or a defect is found.
2. Aircraft type and structure serve as the classification parameters for reporting.
3. Expert judgements of error criticality are used to further classify data and determine its urgency.

4. Tosomeextent in all systems, the feedback of digested datato usersis not well-engineered. Thus, for the end-user level, the data collection effort is
largely for naught.
5. They can result in changes in maintenance and inspection procedures; for example, by issuing Airworthiness Directives (ADs).
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Error reports in maintenance and inspection produced for administrative purposes are typically concerned with establishing accountability for an error and its
consequences rather than understanding the causal factors and situational context of the error. This type of information is not appropriate for use as performance
feedback to inspectors or maintenance personnel, nor isit helpful information for error tolerant system design. Error reporting schemes are developed from within
an organization and therefore vary greatly among organizations. The framework of these error reporting schemes is event driven and developed iteratively, thus
additions are made only with the occurrence of anew error situation. To alarge extent, the information recorded about a situation is constrained by the format of
the error reporting scheme. For example, in one error reporting scheme, the reviewer is required to attribute the error to some form of human error unless the
situation can be described as an "act of God" (Drury, 1991). Analysis of the data collected by such a scheme will invariably find the human at fault, rather than
working conditions, equipment, procedures, or other external factors. This biased representation has serious implications for error prevention, especially
considering that equipment design and job aiding have been found to be more efficacious than selection or training approachesin error prevention (Rouse, 1985).
To alleviate the difficulties of inconsistency, and provide an appropriate and useful structure for error data collection, an error reporting scheme should be devel oped
from a genera theory of the task and the factors which shape how the task is performed. Principally, the behavioral characteristics of the operator, but ideally also
organizational environment, job definition, workspace design, and the operators physical, intellectual and affective characteristics should be considered. Effective
error categorization systems are not only descriptive but are prescriptive, providing information for specific intervention strategies (i.e., Langan-Fox and Empson,
1985 and Kinney, et al., 1977).

As Rasmussen, Duncan, and Leplat (1987) note, it is necessary to shift the focus of analysis from the task to the interaction of the task and the operator for
classifying errors. Furthermore, taxonomies of human error must encompass the analysis of not only the task characteristics but also the information processing
mechanisms associated with the subtasks. It is apparent that other situational characteristics (i.e., environmental conditions) are also useful for the sensitive
classification of errors (Stager and Hameluck, 1990). Correlations of errors with situational factors, with remedies attempted, and with the effects of these remedies,
may provide important feedback for identifying error situations, assessing error criticality, and determining error consequence-minimizing solutions. Both error
control and error prevention would benefit from an error reporting system which captures the causal factors and situational context of an error situation.

Both the taxonomic approach of Drury and Prabhu (1991) and the taxonomy for error management strategies devel oped here can be used as a basis for formulating
error reporting schemes. Upon occurrence, errors can be classified by level of cognitive control, type of systemic error, and by causal or catalytic elements of the
system. Aspreviously mentioned, the categories of system elements can be refined asillustrated in Table 5.8 to provide a more descriptive error characterization.
Identification of these parameterswill likely involve detailed investigation of the error situation, including extensive operator interviewing. This data store can be
analyzed for trends in error sequences, effects of different intervention strategies on error-type frequency, and for the efficacy of intervention strategies over all
types of errors. Identification of error sequences and the effects and interactions of system elements provides important feedback information for performance and
feedforward information for training, equipment, and job design. A prototype error reporting system based on the above considerations has been proposed as a
short-term project with an airline partner.

5.3.3 A FRAMEWORK FOR INFORMATION ENVIRONMENT DESIGN FOR AIRCRAFT INSPECTION

Inspection isinformation processing. Other aspects of the inspector's task, such as physical access to the work and body posture during work, are subordinate to this
central task. If information processing is the essence of inspection, we must examine the sources of information used (and not used) by the inspector: how
information is received, processed and generated. Hence, the inspector's information environment is a critical part of the inspection system.

Any system involving a human istypically closed loop (e.g., Sheridan and Ferrell, 1974). Obvious examples are in flying an aircraft or driving a car, but the
concept applies equally to inspection tasks. As shown in Figure 5.6, the human in the task receives some instruction, or command input to use systems

terminology. The operator and any associated machinery transform this command input into a system output. To ensure stable performance, the system output is
fed back to the input side of the system, where it is compared against the command input. If thereis any difference (command minus output) the system responds so
asto reduce this difference to zero.
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SYSTEM:
HUMAN+MACHINE

COMMAND OUTPUT

FEEDBACK

Figure 5.6 Closed-L oop Control

From the model in Figure 5.6, it is obvious that two types of information can be distinguished. The input is command information, while the output is feedback
information. Both have been shown to be amenable to manipulation to improve system performance. Not obvious from Figure 5.6 is that the command input may

be complex, and includes both what needs to be accomplished and help in the accomplishment. Thus, input may give both directive and feedforward information.
A work card may contain "detailed inspection of upper lap joint" in a specified area (directive) and "check particularly for corrosion between stations 2800 and
2840" (feedforward). Thus, there arereally three potential parts to the information environment: directive information, feedforward information, and feedback
information.

Three of the strongest influences found in case studies of inspection performance are time pressure on the inspector, feedforward of information to the inspector, and
feedback of detailed performance measures. We restrict ourselves to examining the various aspects of feedforward and feedback information in the context of
aircraft ingpection; the time pressure aspect is dealt with under speed accuracy tradeoff in Section 5.3.4.

In the subsequent sections we present amodel of the information flow in aircraft inspection. This model serves as the basis for understanding the information
environment that the inspector isa part of. We then present two approaches to anayze the information requirements of the inspection task: (a) skill-rule-knowledge
(S-R-K) based approach, and (b) error taxonomic approach. Finally, a study to investigate the effect of feedback information is described.

5.3.3.1 A Model of Information Flow in Aircraft Inspection

To perform optimally in the system, the inspector has to have access to the relevant information and the information environment has to provide this information.
We have to reconcile the, perhaps conflicting, issues of:

*  What information to present.

*  When to present thisinformation.

* How to present this information.
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In designing the flow of information, the designer must take into account human processing of information and the cognitive abilities of humans. It isimportant to
develop amodel of the information environment in order to analyze the current system and propose design changes based on identified problems. Towards thisend
we propose a feedforward/feedback information model of aircraft inspection (see Figure 5.7). This model represents both the physical work flow and the

information flow. It also highlights the cognitive aspects of the inspection task and its interaction with the information environment.

Feedforward /

Documentation

SEARCH

Prediction of o
/ Prob. at Location Cognition

[ipLt
Initial Inspector | Cognitive
Training EITJEI Processes
\l Meta-Knowledge

Phyzical

Standards
Information Task  Feedback Audit, next Mizzed
Eu-F‘l:.:'J:r‘kers | Experience Inzpection Defects

Yes
| Defects

Feedback 'ﬁ AlR

Expernence from |nepecting Aincraft

Figure5.7 Model of Information Flow in Aircraft Maintenance and Inspection (Drury and Prabhu, 1991)

This model allows usto target the components of feedforward (training, documents, etc.) and feedback (missed defects, defect rate, etc.) that have to be analyzed for
efficient design of the information environment.

5.3.3.1.1 Feedforward Information

From the model (Figure 5.7), feedforward information to the inspector is seen to come from the following sources:
1. Initial Training
2. Manufacturer/FAA/Airline Operator documents.

3. On-the-Job experience on a particular
aircraft.

4. Information gathered from co-workers.
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5. Command information in the form of standards.
6. Utilization of understanding about the fault causation mechanism in an aircraft.

Initial Training. Taylor (1990) notes aircraft orientation training for new mechanics, at large sites. However, smaller sites had no formal training programsin

place. No formal inspection training programs were observed or reported at any of the airlines. Typically, inspectors hold an A and P license and have maintenance
experience. Taylor (1990) found that the current hangar maintenance organization has a bi-modal experience distribution of 30 plus years and three or fewer years.
The inspection group is expected to have a similar distribution with three to five years added to the lower value.

The current state of training places much emphasis on both the procedural aspects of the task (e.g., how to set up for an X-ray inspection of an aileron), and on the
diagnosis of the causes of problems from symptoms (e.g., troubleshooting an elevator control circuit). However, the inspectors we have studied in our task analysis
work have been less well trained in the cognitive aspects of visual inspection itself. How do you search an array of rivets -- by columns, by rows, or by blocks?
How do you judge whether corrosion is severe enough to be reported?

Most of the training is on the job where an experienced inspector puts the novice through his paces and shows him the various aspects of inspection. Thisishighly
realistic but uncontrolled and there is a high likelihood for devel opment of inconsistent inspection practices. Our experience in training inspectors in manufacturing
industries (Kleiner, 1983) has shown that a more controlled training environment produces better inspectors. If training is entirely on-the-job, then two of the main
determinants of the training program--what the trainee sees and what feedback is given--are amatter of chance; i.e., of which particular defects are present in the
particular aircraft inspected.

We need to develop training procedures for the search and decision making components of aircraft inspection by using human factors techniques that include
cueing, feedback, active training, and progressive part-training as suggested by Drury and Gramopadhye (1990) and detailed in Section 5.3.5. It has been found that
off-line controlled training successfully transfers to the more complex on-the-job environment. The trainee is prepared to make maximum use of what is seen on the
job, rather than confining the learning processto trial and error. Because of the controlled and concentrated training experience, trainees can progress faster to the
same level as experienced inspectors.

Documentation. There is an immense amount of potentially useful information available both in paper (hard copies) and paperless (computer, microfiches) form.
We list below some of the important documents that form the information environment. Note that thisis not a complete listing of al available documents.

The documents are generated by atriad consisting of the Federal Aviation Administration (FAA), aircraft manufacturers, and aircraft operators. Thereis acomplex,
multi-dimensional interaction in the flow of data between these three. Manufacturers require feedback from operators to determine acceptability and reliability of a
product and its components. Airlines require product support information from the manufacturer. The FAA requires data from both the airlines and the
manufacturers concerning product reliability and safety issues. The Air Transport Association (ATA) coordinates the flow of data among the three triad members
(Shepherd, 1990).

We have to understand the problems created by the mismatches between the needs of the inspector (who islooking for information) and the design of the documents
(that present data). Thereisacritical need for usable knowledge, which gets translated to utilized information on the job. From a document design viewpoint we
have to focus on creating usable documents. Information flow design and system design should ensure the availability of documents at the right place at the right
time. The demonstration project presented in Section 5.2.1 is an example of applying document design techniques to one type of document, the workcard.

Experience on a Specific Aircraft Type. Aircraft at a maintenance facility are serviced over various lengths of time depending on the type of service. Thetransfer of
an aircraft to adifferent facility (other than the one it normally goesto) isvery rare and occursin case of contingencies or in case of heavy workload at the regular
facility. Similarly, movement of personnel between different facilitiesis very low. Thus, most maintenance and inspection personnel accumulate experience on a
particular type of aircraft. The effect of such job specialization on the occasional inspection of a different aircraft type has not been studied.

Knowledge about the aircraft is accumulated over a period of time through on-the-job work. Experienced inspectors gradually develop an understanding of the
cause-effect relationship of defects and also know what to look for and where. Thus, there is a store of distributed knowledge or expertise residing in the inspection
organization. Individual inspectors normally have access to this distributed knowledge through informal contacts with fellow inspectors, which leads us to the next
section.
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Information from Co-Workers. The relevant relationships in heavy maintenance have been identified by Taylor (1990), to include:

1. Superiorswith subordinates

2. Members of same group with one another

3. Members of different work groups

4. Peopleinside enterprise interacting with people outside that system.

Airline inspectors typically work independently and occasionally in teams of two. The frequency of formal meetings amongst inspectors varies from airline to
airline. Inoneairline, weekly safety meetings are held where any communications from management are conveyed to the inspectors. In another case thereisa
daily meeting at the beginning of the shift where the day's work and assignments are discussed. Drury, et a., (1990), during the task analysis of inspection in the
airline industry, found few formal meetings of mechanics or inspectors despite frequent informal contact among inspectors, and less frequent contact between
inspectors and mechanics.

Contact between inspectors, in different shifts, was observed at some sites where shifts overlapped by an hour or so. The mechanics and inspectors contact each
other for buy-back or for approval of arepair. This contact for advice/instruction is the only formal information exchange between the inspector and the mechanic.
There appears to be no formally organized forum that can channel the distributed knowledge for more efficient access by individuals who need this information.

M echanics who find faults during scheduled maintenance notify the inspectors. Thus, an informal system of communication exists. However, there are various
ways in which such a system can break down. An experienced inspector might know, for example, that the line maintenance people have in the past improperly
used magnetic screws around the landing light as a contingency measure. Thus, he/she would examine the screws around the landing light in view of this
knowledge. A new inspector may not have had access to thisissue (which is not mentioned in aworkcard or any documentation elsewhere) and could fail to catch
such afault. Similarly, an inspector who documents a fault and the inspector who approves the repair done on this fault may not be the same and thus, any
inspection error in this case goes unnoticed by the inspector because of alack of aformal feedback system.

Command Information with Comparative Standards. There seem to be almost no standards that are accessible to inspectors for defects like corrosion, cracks, dished/
pooched rivets, wear, component play, etc. A small subset of standards does exist with the manufacturer, FAA, etc., but these have not been organized into a
scheme for utilizing comparative standards on the job. The closest inspectors come to a standard in visual inspection is to use adjacent areas to make a comparison,
which is not areliable method (Drury, 1991).

During a decision making process, both the internal and external retrieval of information is necessary. The degree with which external and internal retrieval of
information is required could be a major determinant of the strategies adopted during decision making.

As an example, during visual search for corrosion around rivets or in a door frame the inspector comes across an indication. The inspector has to make a judgement
call whether thisindication should be marked as a defect or let go. If the corrosion is evident without a doubt, then the decision processis simple and thetask is
almost like a pure search task. On the other hand, when the evidence for corrosion in the indication is not conclusive, the inspector has to:

1. Retrieveinternal information about instances of corrosion to make a match (recall patterns).

2. Approach peersor supervisors for help on judgement.

3. Refer to comparison standards available at the work point.
It has been found that the higher the information load and the more likely the chance of error, the more an operator is forced to remember or recall information of
relevance. Also, external information retrieval (from other inspectors) is a function of the operator's perception of criticality of this particular decision and

availability of inspectors within areasonable vicinity. For example, the inspector perched up on the horizontal stabilizer of aDC-9 islesslikely to go down and call
a supervisor to come up and have alook at an indication, particularly if he perceives that a wrong decision on his part may not be critical.
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It has been known for many years that if comparison standards are available at the work point, more accurate inspection will result. Y et in many cases such
standards are not available to the aircraft inspector. For example, if the maximum allowable depth of awear mark is given as 0.010 inches, there is neither a
convenient way to measure this, nor areadily available standard for comparison. Other examples are play in bearings and cable runs, areas of corrosion, and
looseness of rivets. All are considered to be "judgement calls' by the inspector, but simple job aids, perhaps as part of the worksheet, or standard inspection tools,
would remove a source of uncertainty. Leaving standards to unaided human memory may be expeditious, but it is aso unreliable.

Utilization of Understanding about the Fault Causation Mechanism in Aircraft. Inspection of aircraft islargely composed of pure search activities followed by
decision-making tasks whose output is of the form of "acceptable/non-acceptable”. However, some areas of inspection involve utilization of cues, knowledge of
how faults are caused, and knowledge of how the behavior of one particular aircraft component indicates behavior of related components. Examples are:

o dirt streaks around arivet on the fuselage indicate aloose
rivet,

* bulging of the paint on the aircraft skin indicates underlying
corrosion,

» scraped paint at the fairings indicates underlying fairings are
rubbing,

* play at the flap vanes points to worn out bearings or

tracks,

» flat spots on the wheel indicate a possible problem with the anti-skid
system,

» powdery material on the skin indicates probable corrosion.

Use of such indirect evidence is a powerful technique to enhance detection and discovery of afault, particularly where faults are not directly accessible to pure
visual/auditory/tactile search.

There is a necessity to gather the knowledge required for thisindirect fault indication from experienced inspectors who understand the utilization of such cues.
Thereis also a need to identify the mappings between defects and fault causation mechanisms for awide variety of such defects. The decision-making activity can
then be converted to arule-based, procedural type of task. Rules thus formed can be used in an effective training scheme to help inspectors increase the efficiency
of the search and decision making process.

This approach can be extended further to form an inspection data base which can be continually revised and updated to reflect the distributed knowledge that exists
not only in a specific airline but across all airlines. Such agloba knowledge-base would thus receive its input from experienced inspectors all over the aviation
industry, thus consistently benefitting all users. It isalso conceivable that an expert system could be devel oped that makes use of such a data base and supports
decision-making tasks. Such a system would support queries like:

* "l aminthetail compartment. Current inspection areais aft of APU compartment bulkhead, list keypoints.”

* "Inspection areais APU shroud, list past history of cracks."

* "Indicationsat rivet on lap joint at stringer S-34 between body station 890 and 900 points to corrosion, show graphics of likely corrosion in this area.”

* "Thereisexcessive play at the flap vanes, what are the problemsindicated by this.", etc.

5.3.3.1.2 Feedback Information

Feedback information in aircraft inspection can be used either on the job or in training. Use of feedback on the job has been found to reduce the number of false
alarms as well as reduce missed defects. Training schemes implementing feedback have been used to improve learning rates, to develop schemes, and for the
efficient transfer of training skills to on-the-job performance.



On-The-Job Feedback. There seems to be no systematic and obvious system in place that provides feedback to the inspector. For example, feedback during access
can be given by awell designed workcard system incorporating unique landmarks in the figures (Drury, 1990b). Feedback in search/decision making comes when
the inspector talks to a supervisor or afellow inspector to confirm a borderline case, although this occursrarely. Also rare is the feedback that could come from the
repairer or the buy-back inspector who both have potential data on the fault.

Feedback also seems to depend on the type of defect. Airlines have a system to classify the various defects found during inspection/maintenance. There are specific
rules by the FAA for this classification. Normally, defects get classified in three broad categories. A, B, and C. Type"A" defects are the most critical ones and
have to be immediately corrected. Type "B" defects are corrected immediately, or the maintenance action is deferred to a pre-specified time based on current and
projected workload. The"C" defects are generally deferred to the next inspection. Thus, there exists a possibility of feedback in the case of "A" defects, and some
"B" defects, because of the time frame within which maintenance action is taken. Thiswould normally occur through buy-back inspection. However, even this
opportunity would be lost if the buy-back inspector is different from the one who wrote the non-routine defect item.

Thereisvery little feedback on any defect that the inspector misses. This feedback can only occur through audits and quality control inspections, but these systems
do not ensure consistent feedback to all inspectors on aregular basis.

At this point we have to also recognize that, although it is very desirable to provide feedback, there are bound to be instances where this would be economically
infeasible, and in some cases impossible, due to the nature of the task. For example, providing regular feedback on missed defectsis not viable, asit would involve
re-inspection similar to auditing on aregular basis. Similarly, having a system that calls for feedback on every defect may be too expensive due to time factors and
logistics. In such cases, alternate schemes like periodic re-training or off-line feedback could be utilized to re-calibrate inspectors.

Feedback in Training. As explained in the earlier section, the feedback in aircraft inspection is relatively scarce, and on the occasions that the inspector gets
feedback (e.g., an audit), it isdelayed in time. Delayed feedback makes learning by practice alone difficult (Woods, 1989).

The use of knowledge of results (feedback) in training is well documented. The trainee needs rapid, accurate feedback in order to correctly classify adefect or to
know whether a search pattern was effective. However, when training is completed, feedback israre. The training program should start with rapid, frequent
feedback, and gradually delay this until the "working" level isreached. More feedback beyond the end of the training program will help to keep the inspector
calibrated (Drury and Kleiner, 1990).

We see that thereis agreat deal of research support to indicate that use of feedback in initial training is beneficial. From the airline inspection context this points to
the necessity of developing atraining methodology that incorporates performance feedback. Drury and Gramopadhye (1990) have demonstrated a training scheme
for gamma ray inspection of anozzle guide vane areaof a JT9D engine. Thisincludes part naming and defect naming (cueing and active response), search, and
decision training. Feedback is used judiciously in this training scheme to help the trainee to build a schema.

5.3.3.2 Analysis of Information Requirements: An S-R-K Approach

So far it has been established that (a) errorsin aircraft inspection are costly, and therefore must be minimized, (b) human performance limitations can, and do, result
in inspection errors, and (¢) provision of information in the correct form (physical and cognitive aspects) is critical to reducing human errors.

For effective use of feedforward and feedback information, the information requirements of human inspection have to be identified. Furthermore, the information
needs of experts and novices may be very different. Thus, we can posit that studying the behavior of the human inspector interacting with the system (while
performing the inspection) will help identify possible information support points, as well as provide guidance to the type of information (either feedforward or
feedback) that is needed at these points. The skill-rule-knowledge based hierarchy of Rasmussen (1983) presented in Section 5.3.2.1.2 affords us a robust

framework within which this analysis can be carried out, and will be mapped onto both visual inspection and NDI.

5.3.3.2.1 Visual Inspection
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Search and decision making form the critical components of visual inspection. The search component can be further decomposed into pre-attentive search, and a
detailed search consisting of foveal (pure search or search plus decision making) and extra-foveal processes. Similarly, NDI can be decomposed into three broad
stages: calibration, probe movement, and display interpretation. Identification of the behaviors associated with each of these subtasks resultsin a many to many
mapping as seen in Table 5.14 (Visual Search) and Table 5.15(NDI). These mappings have been identified for an expert inspector. An interesting aspect of these
mappings is the existence of relatively few knowledge-based behaviors exhibited by the expert inspector. This seemslogical since thereis less problem-solving or
active reasoning in aircraft inspection and more detection, identification, and classification.

VISUAL BEHAVIOR CATEGORIES
INSPECTIOHN
PROCESSES SKILL-BASED RULE-BASED KHOWLEDGE-BASED
PRE-ATTEHTIVE SEARCH Scan and
Detect
FOVYEAL {PURE SEARCH) Fizate and
Detect
FOVYEAL DECISIOH Idertity and
Clazsify
EXTRA-FOVEAL SEARCH Trigger move
to next area
DECISIOH-MAKIHNG {(OUTSIDE fove to next area, Reazon and Decide
OF SEARCH) Rules of what to ook
for
Tahle 5.14 WMapping a Visual Inspection Task to Cogritive Behawour for an Expert Instructor
BEHAVIOR CATEGORIES
HDI PROCESSES SKILL-BASED RULE-BASED KHOWLEDGE-BASED
CALIBERATIOH Probe Movement Over Calibration Procedures
Test Specimen
PROBE MOVYEMEHNT Tracking Along Supportive Mode
Desired Path [dertifying Boundary
Conditions
DISPLAY INTERPRETATIOHN Interpreting Farmiliar Interpreting Unfamiliar,
Signal Unanticipated Signals

Tahle 5.15 Mapping an MDI Process to Cognitive Behawior for an Expert Inspector
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The SRK framework also aids understanding of how behavior will be qualitatively modified as the inspector goes from a novice to an expert. Thus, athough both
the novice and the expert exhibit, say, rule-based behavior, the behavior of the expert will be qualitatively different from the novice (Sanderson and Harwood,
1988). In Table 5.16 we have mapped a specific visual inspection task (inspection of rivets) to the SRK framework, to represent the performance of an expert
inspector. We can expect that some of the defects identified at the skill-based and rule-based levels by the expert will be identified at the rule-based and knowledge-
based levels by the novice, indicating a rightward shift on Table 5.16, corresponding to an upward movement on the SRK hierarchy. Thus, this analysis pointsto the
need for different levels of information support for the expert and the novice inspector. It can aso provide guidelines to define training requirements for novice
inspectors based on identifying expert inspector behaviors.

VISUAL BEHAVIOR CATEGORIES
IHSPECTIOHN
PROCESSES SKILL-BASED RULE-BASED KHOWLEDGE-
BASED
PRE-ATTEHTIVE = Miszing rivet
SEARCH * Hole in =kin
FOVEAL {PURE = Miszing rivet
SEARCH) * Hole in zkin
= Deep dents
* Large cracks
* Prominent
Carrosion
FOVEAL DECISION * Borderline corrosion
= Slight wear
= Dizhed rivets
* Ripples in skin
= Zmall cracks
EXTRA-FOVEAL = Chipped paint in
SEARCH petiphery leads
to hesxt fixation
DECISIOH-MAKIHNG = Streaks around » Defect type not
{OUTSIDE OF rivets trigger lizted
SEARCH) inspection for " =ze of meta-
looze rivets knowledge
= Powedery
contamination
triggers search
far corrosion
= Borderline
defects
Tahle 5.16 Wisual Inspection of Rivets: Cogrtrve Behawors for Different Defect Types
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Tables5.14, 5.15, and 5.16 also indicate the large role that skill-based and rule-based behaviors play in visual inspection. The visua search part of visual inspection
is seen to be entirely skill and rule-based for the expert inspector (or after training to criteria). The skill-based behavior can be associated to the scanning, fixating,
and detecting activities (see Table 5.14). Since skill-based performance is essentially unconscious and feedforward controlled, we can conclude that the information
aid for this part of the visual search should be something that does not require active conscioususe by the inspector. This points to visual environment changes
(better lighting, improved contrast), and improved human detection capabilities (increasing visual |obe, increasing target conspicuity). At the same time, thisalso
indicates training as a critical need to attain satisfactory sensory performance.

Tables 5.14 and 5.16 also highlight rule-based behavior resulting in the identification and classification of defects as a significant mode of visual inspection. Thus,
finding corrosion, wear, small cracks and similar difficult defects takes place because of rule-based behavior. It is pertinent to note at this point that the work card
system used in the aircraft industry to control aircraft maintenance and inspection relies heavily on alinear procedural approach (Drury, 1991; Drury, Prabhu and
Gramopadhye, 1990). Rule-based behavior also accounts for search strategies based on past experience and work card instructions. Thus, we reach the conclusion
that it isvery important to develop procedural knowledge (workcard design), checklists, and comparison standards to support this behavior.

Knowledge-based behavior is often a slow and error-prone process and creates a high cognitive workload for the human. Often in such circumstances the human
will try to minimize cognitive strain by using shortcuts in the reasoning and decision making processes, which can lead to suboptimal performance. Thus, we
should try to design the system and the information environment to minimize the need to indulge in knowledge-based behavior. Knowledge-based behavior in
visual inspection will be more evident in anovice inspector; this provides a strong impetus to the design of adequate training programs to bring the novice to expert
levels and thus minimize knowledge-based behavior. Once a certain level of expertiseis attained the knowledge-based behavior will be needed only in case of
unfamiliar work situations. For example, this can happen if an inspector who normally works on only a specific part of the aircraft (e.g., the wing section) is asked
to inspect acargo door. Thus, it becomes important that the workcard (feedforward environment) be designed for usability and have the information needed to
make a smooth transition to an unfamiliar task. Feedback information from a buddy system, and efficient communication lines with the supervisor, aso have to be
considered. Also important isthe development of the knowledge about the spatial and functional aspects of the aircraft, which is partly built through the years of
prior experience of the inspector as an aviation mechanic. Thisisnormally five years but is decreasing due to a shortage of inspectors, with some inspectors having
as little as three years of maintenance experience. There are cognitive error implications in too rapid a promotion system.

5.3.3.2.2 Non-Destructive Inspection

Moving to NDI inspection, skill-based behavior is predominant while using the probe and is a sensorimotor, feedback-controlled movement. Thisindicates the need
for manual control training on tracking tasks (e.g., circle drawing, tracking) which transfer to this movement control task. Similarly, thought should be given to
providing tracing paths (e.g., circles around rivets) which provide adequate feedback information. Templates can and are being used (although some inspectors do
not like to use them due to handling difficulties) and the improved design and use of such aids should be encouraged. The rule-based behavior component of
calibration points to the necessity of developing adequate and well designed checklists, along with procedural knowledge, for reliable performance. Swain and
Weston (1988) point out that during the calibration procedures, powerplant technicians who very often have followed written steps, rely on memory and this
increases the probability of omissions. This points to a calibration process design that is capable of providing cues to the next step on the display screen aswell as
detecting wrong inputs by the operator. Where calibration can be rigidly defined, the checklist is the obvious cognitive aid, already extensively used in aviation.
Those calibration tasks which have some flexibility must be clearly delineated for separate treatment.

Display interpretation forms the critical portion of NDI and as such can be either rule-based, or knowledge-based, or both. The information environment should
thus support both these behaviors while trying to ensure, through system design and training, that the need for knowledge-based behavior is minimized. Since rule-
based behavior is based on signs which trigger stored patterns which in turn control our choices, Rasmussen and Vicente (1989) suggest that the design of the
display should be such as to provide action cues as signs which also have symbolic content, thus supporting both rule and knowledge-based performances. Display
screens for NDI that allow comparisons of the current pattern (curve) with known defect curves for comparative decision making should be considered. Also, the
knowledge-based component found during display interpretation indicates the need to develop feedforward information (training and documentation) to provide
technology knowledge, instrument knowledge, and aircraft defect history.
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It must be emphasized at this point that in aircraft inspection, skill-based, rule-based, and knowledge-based behaviors are not necessarily stand-alone, discrete
behavior modes. Indeed, they overlap on some occasions and support each other on others. For example, the skill-based behavior of probe movement is supported
by either knowledge-based (for the novice) or rule-based (for the expert) behavior that ascertains the boundaries of the movement. For example, the probe should
not cut the rivet head and a movement too close to an edge should be avoided since both of these will show defect indications without the presence of any defects.
Similarly, rule-based behavior of defect identification and classification in visual inspection is sometimes supported by knowledge-based behavior that uses active
reasoning based on a deeper and functional understanding of the aircraft. For example, during visual inspection of the wing leading edge, the inspector who is
looking for dents may reason that a dent forward of the aileron trim tab may be more important than one in another area because it could cause flow breakup in an
areaimportant to flight control. This and the preceding example highlight the often symbiotic relationship of the different behavior modes. Thus, while we
concentrate on skill-based and rule-based behavior of the inspector (since these are the dominant behaviors), we also need to understand and support the knowledge-
based behavior through adequate training schemes, documentation, and communications.

From the discussion above, it is evident that the mapping of the inspection processes to the SRK framework provides useful guidelines for, and a better
understanding of, the type of information that has to be provided for aircraft inspection. This has been compiled in Table 5.17 where the information categories
(feedforward and feedback) identified in the aircraft inspection information model (Figure 5.3) have been assigned to the various inspection subtasks based on the
type of behavior they would logically support.

INFORMATION EMYIROMMEMT
INSFECTIORN
FROCESSES FEEOFORWARD FEEDBACK
1. WISUAL [2.9. Rivet
Inspection]
= Pre-Atkentive * Training
= Foveal Search = Training = Output Feedback
= Foveal Decision = Training = Cognitive Feedback
» Procedural Knowledge = Buddy System
» Compariszon Standards
= Entra-Fowveal  Enowledge of Cues = Feedback of Results
= Decizion Making » Co-worker Infarmation = Communication Link s
= Functional System Knowledge = Buddy System
» Fault Causation Knowledge = Cognitive Feedback
= Aircraft History [Defects]
2. MOl [e.q. Eddy Current)
= Calibration = Checklists, Display Design
= Probe PMouvement * Training on Tracking and = Probing Aids [Templates
Accurate Movement Control or Markings Around
Riivets]
= Oisplay = Dizplay Des=ign = Cognitive Feedback
Interpretation = Functional System Knowledge
* Technical Instrument Enowledge
= Aircraft History

Tahle 5.17 Inforreation  Requirernents  [dentified  frora  Mlapping  Inspection Processes to  5SRE

5.3.3.3 Analysis of Information Requirements: An Error Taxonomic
Approach
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In an analysis of 93 major accidents for a 24 year period from 1959 to 1983, Sears (1986) found that 12% were caused by maintenance and inspection deficiencies.
Similarly, Nagel (1988) reports that approximately four out of every hundred accidents that occurred in the worldwide jet fleet from 1977 to 1988, had maintenance
error as one of the chief causes. Asshown in Section 5.3.2, the effects of human error are becoming increasingly unacceptable and the issue of maintenance and

inspection error is being closely examined and discussed in the aviation community (Drury, 1991).

Formulation of information environment requirements should include the notion of human error and its impact on aircraft inspection. Control of errorsto an
acceptable minimum isthe implicit goa of all human-machine systems. In aircraft inspection, where the existence of certain defectsin an aircraft ready to fly is
almost unacceptable, it is pertinent to make this goa explicit, by defining information requirements based on human error avoidance. It can be argued that
information provided at the right time, at the right place, in the right manner, is at least a necessary condition for minimal error performance.

5.3.3.3.1 Methodologqy for Information Requirement Formulation

Human error can serve as an effective platform to study and formulate the information requirements of aircraft inspection just asit was used in Section 5.3.2 to

understand the overall inspection process. We present below a methodology that attempts to guide the design of the information environment to controlling human
error:

1. Identify and define the levels of the system under consideration (e.g., management, supervisory, lead inspector, inspector).

2. Atthelevel under analysis, define the functional requirement of the level, current allocation of human-computer functions, and interactions with the
other levels.

3. Develop ahuman error taxonomy for the level under consideration.

4. Usethetaxonomy and the functions identified in step 2 to outline the failure modes (phenotypes) and associated mechanisms of human malfunction
and error shaping factors (geno-types) specific to each function.

5. Identify the component of the information system that would be necessary to control human error based on understanding of the phenotypes and
genotypes of step 4.

6. Define the requirements of each information component: (1) what information to present (information quality); (2) when to present such information
(information flow); and (3) how to present this information (information display), so that the human error potential is minimized.

The above methodology combines atask analytic approach with a human error taxonomy so that information requirements are formulated to control human error.
Obviously, the error taxonomy development is an important part of this approach. A framework or guideline is presented, which can be used to devel op ataxonomy
for use in this methodol ogy.

Rasmussen and Vicente (1990) suggest that human error analysis can be performed from two different perspectives. The first perspective tries to identify possible
human errorsand their effects on system performance, while the second perspective aims at improving system design to eliminate the effects identified in the
analysis from the first perspective. Based on the first perspective, Drury (1991) developed an error taxonomy from the failure modes of each task in aircraft
inspection. Thistaxonomy has been developed based on the recognition that a pro-active approach to error control is needed to identify potential errors. Thus, the
taxonomy isaimed at the phenotypes of error (Hollnagel, 1989), i.e., the way errors are observed or appear in practice. In Section 5.3.2 it was also noted that
Rasmussen and Vicente (1990) propose a taxonomy from the viewpoint of identifying possible improvementsin system design with categories of errors as related
to: (@) effects of learning and adaptation, (b) interference among competing control structures, (c) lack of resources, and (d) stochastic variability. They suggest that
different methods have to be adopted to control the errors associated with each of the above four categories, and that it is necessary to make the system error-tolerant
to achieve reliable system performance.
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We propose that the failure modes identified in the taxonomy of aircraft inspection by Drury (1991) can be classified using the systemic error mechanisms
categories and the cognitive control categories proposed by Rasmussen and Vicente (1989). (An exampleisgivenin Table 5.18 for error modes in the decision
task.) In Table 5.19, such an assignment is shown using the failure modes for the decision task. For each behavior mode (i.e, skill, rule, or knowledge) the
genotypes of errors can be then postulated. Genotypes are the contributing psychological causes of errors and are representative of the characteristics of the human
cognitive system (Hollnagel, 1989). Table 5.20shows the genotypes assigned to the different behavior modes.

TASK ERROR[§]

TASK 4 -- DECISION

4.1 Interpret indication 4.1.1 Classify a5 wrommg Fault type.

4.2 Access measuring equipment. 4.2.1Choose wrong measuring equipment.

4.2.2 Meazuring equipment is not available.

4.2.3 Measuring equipment is not warking.

4.2.4 Meazuring equipment is not calibrated.

4.2 5 Meazuring equipment has wrong calibration.
4.2.6 Does not use measuring equipment.

4.3 Access comparison standards, 4. 31 Choose wrong comparison standard.
4.3.2 Comparison standard is not available.
4.3.3 Comparizon standard is not carrect.
4.3.4 Comparison standard is incomplete,
4.3.5 Does not use comparison standard.

4.4 Decide on Fault presence. 441 Type 1errar, Falze alarm.
4.4.2 Type 2 error, missed fault,

4.5 Decide on action. 4 51 Choose wrong action.

4.5.2 Second opinion if not needed.

4.5.3 Mo second opinion if needed,

4.5.4 Call for buy-back when not required.
4.5.5 Fail to call for required buy-back.

4.6 Remember decisiontaction, 4 B.1Forget decisiondaction.
4.6.2 F ail to record decisionfaction.

OUTSOME 4: Al indicationas located are corractly claseified, corractly labellad ans fault or no fault, and actions
corractly planned for each indication.

Tahle 5.18 Task and Frror Taxonoruy for Inspection, Task 4, Decision
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BEHAY IOR CATEGORIES
SYSTEMIC
ERROR SKILL-EBASED RULE-EASED KHOWLEDGE-EASED
EEHAY DR EEHAY DR EEHAY IR
1Effects of 121,424,425, 4.2.4 Fail to calibrate meas. eqpt. 411 Cla=sify a5 wrong Faulk.
Learning 431,435,451, 4.2 6 Fail to use meas, eqpt. 4.4 1False alarm.
and 482 4. 3.5 Fail to use comp. skd. 4.4.2 Mis=ed Fault.
Adaptation 4.6.2 Fail tarecord decizion. 4.5.2 wWrong decision an getting.
4.2.1Choose wrong meas. eqpt. 4 5.5 Second opinion.
4. 31 Choose wrong comp. std. 454, 455 Wrong decision on
451 Choose wrong action. calling For buyback.
4,25 Meas. eqpt, wrongly calib, 4.2.5 wrrong calibration of
4.1.1 Clas=ify as wrong Fault. meas. eqpt.
4 4 1F alze alarm.
4.4.2 Missed Fault,
2. Interference 425 411,441,442 452,453 454,
Amaong 411,444, 442 455
Competing 451
Ciontrol 452,453,454 455
Structures
3 Lack of 4 E.1Forget decision
FResources 452,453
454,455
4 Srochastic 411,440,442 451
wari ability
Tahle 5.19 Lggignment  of  Systerndc Emor  Dlechardsms  to Falloe  Based on Behavior  Teypes  for the

Decizion Ilaking Component of Sircraft Inspection



MECHANISMS OF HUMAN
MALFUNCTION AND ERBOR

BEHAYIOR FAILURE MODE SHAPING FACTORS (GENCTYPES) INFORMATION
TYPE {PHENODTYPES) REQUIREMENTS
KNOWLEDGE- 411 Clazsify 25 wrong lsuk. o Saleclvity o Lack of Training in tault causatisn mechanisms
BASED 44,1 False alam. o |ncompiete fnowledge
£.4.2 Missed fault, mental modsl o Confirmation bias
4,52, 403 Wrong decision on geHing o Cvarconfidence Crew resaufce management waining
gacond opnian. O Ineomplels: knewladgs Cwiteome and cognilive feadback
d.54, 45953 Wrang dacision on calling for ¢ Biagad raviewing
buy-back.
d. 256 Measuring squiprient wrangly @ Creerconfidence Trairing and aiding lor undarstanding
ealibora e, ¢ Ingomplets knowledge MO sysiem physics
RULE-BASED 424 Fail to calibrate measunng equipment. a Recall error Ghecklisis
g Memary shp Feedhack in WO instrument
4 25 Fail to use measunng equipment o Rocall crror hecklist
4345 Fail to use compansan standards. o Owercontidonon
o Memory skp
a hindset or ngidity
462 Fail t2 record decision. o Becall error, memeory slip More feld-usable Taullsecording deviess
o Awvailability
o Mindset
o Wrong rules
4 21 Chogse wrong measunng equipment. o Sterecrype takeover Ghechlist
4.3.1 Choose wrong cempanson slandards. o Memory slip Computer entry and chedhing &1
451 Choose wrong action, o First exceptions equipment and standard 0 for
o Availahilit feedbach
425 Megzuring equipment wrongly o Familiar shorcur Chachklist, enlorcement of rules
calibrated. o Misinterpretation
d.1.1 Classily a= wrong laulk. n Encoding deficiancy Training in fault classification
4.4.1 Fake alam. o Familiar pattem not recognized Copnitive feedback
4.4.2 Missad Fault.
SKILL-BASED 421,424 431, 435 428 451,462 o Owmissions Skille fraining

o Recency and Mequency of use
o Spead accuracy tradeotf

Skills maintenance far infrequenty-used
bahaviers




The above framework, then, alows the opportunity to examine each failure mode within the context of (a) the cognitive behavior from which it results, (b) the
systemic error category in which it occurs, and (c) the internal error mechanisms that are the probable causes of these malfunctions. An anaysis of thisinformation
can then form the basis of system design to minimize or eliminate the failure modes. From the information requirements viewpoint, system design considerations
should then drive the specifications as to the type, location, and temporal position of the information. Preliminary recommendations on the type of information
component have been listed in Table 5.20. In actual use, Table 5.20 should be utilized as a framework for an error taxonomy which can be applied in the task

analysis methodology proposed.

5.3.3.4 Testing the Information Framework

Using the inspection program developed for NDI (Section 5.3.1.1) it is possible to make direct experimental tests of many of the predictions coming from the
framework being developed in Sections 5.3.3.2 and 5.3.3.3. Asademonstration of the use of the NDI inspection program, arelatively simple experiment based on

the information requirements was conducted. It involved training two groups of subjects on the inspection task, then either providing or not providing off-line
feedback of performance, and finally measuring inspection performance of both groups.

Asshown in Section 5.3.3.1, on-the-job feedback can be a powerful performance enhancer, but it is an expensive one to implement. It involves re-inspection of an

inspector's work by a (presumably more reliable) auditor, a process which adds cost in proportion to the percentage of work audited. A more realistic approach
would be to provide feedback, for example by having the inspector inspect a test piece with a known set of faults, between regular inspection tasks. Feedback can
easily be provided from such atest piece, but we need to measure the effectiveness of such feedback. A test of this effectiveness also provided a useful practical test
of the NDI program, and indeed many pilot subjects were run and program modifications were made before the complete experiment reported here was started. The

following is abrief description of the experiment and itsresults. These results are being presented in more detail in a separate project report.

5.3.3.4.1 Methodology

Two groups of eight subjects each were chosen randomly from a population replying to advertisements. All were currently unemployed members of the work force,
with males and females and a variety of ages represented. Each subject was given two pre-tests, both of which had been shown to correlate with performance on
industrial inspection tasks. The first was the Embedded Figures Test (EFT) which classifies the cognitive style of a person as Field Dependent (i.e., highly
influenced by the visual context of atask) and Field Independent (i.e., more able to cognitively restructure atask independent of its visual context). The second test
was the Matching Familiar Figures Test (MFFT) which measures the tendency of subjects to opt for speed or accuracy in their speed/accuracy tradeoff (see Section
5.3.4). Foved visual acuity was also measured.

Both groups were given the same training in the principles of eddy-current inspection of rivets for cracks, in controlling of the pointer using the mouse, and in
interpreting the meter needle movements. This training occupied about four hours. Following training, the eight subjectsin the control group were tested on a task
involving 420 rivets followed by atask involving 80 rivets, on each of four days. The experimental group was given the same task except that they were provided
with feedback on the missed cracks, false alarms, and performance time on the 80 rivet task.

In the main task, the same measures of misses, false alarms, and task time were taken for each subject.

5.3.3.4.2 Results

Analyses of covariance were performed on the measures of total time, misses, false alarms, and derived measures from Signal Detection Theory (Section 5.3.5) of

sensitivity (d') and criterion (Xc). Each analysistested for differences between the two groups (G), for differences between the four days (D), as well asfor their
interaction (D X G). Two sets of covariates were derived from factor analysis to contain the following components:


http://localhost/HFAMI/lpext.dll?f=FifLink&t=document-frame.htm&l=jump&iid=607cc687.1bc10c5d.0.0&nid=3385#JD_P2Table520
http://localhost/HFAMI/lpext.dll?f=FifLink&t=document-frame.htm&l=jump&iid=607cc687.1bc10c5d.0.0&nid=3385#JD_P2Table520
http://localhost/HFAMI/lpext.dll?f=FifLink&t=document-frame.htm&l=popup&did=FAA%20Research%201989%20-%202002%2FInfobase%2F24cb%2F2c64%2F2ec8&sub=319p1
http://localhost/HFAMI/lpext.dll?f=FifLink&t=document-frame.htm&l=jump&iid=607cc687.1bc10c5d.0.0&nid=332f#JD_p2-5311
http://localhost/HFAMI/lpext.dll?f=FifLink&t=document-frame.htm&l=jump&iid=607cc687.1bc10c5d.0.0&nid=336f#JD_p2-5332
http://localhost/HFAMI/lpext.dll?f=FifLink&t=document-frame.htm&l=jump&iid=607cc687.1bc10c5d.0.0&nid=337d#JD_p2-5333
http://localhost/HFAMI/lpext.dll?f=FifLink&t=document-frame.htm&l=popup&did=FAA%20Research%201989%20-%202002%2FInfobase%2F24cb%2F2c64%2F2ec8&sub=319p2
http://localhost/HFAMI/lpext.dll?f=FifLink&t=document-frame.htm&l=jump&iid=607cc687.1bc10c5d.0.0&nid=3365#JD_p2-5331
http://localhost/HFAMI/lpext.dll?f=FifLink&t=document-frame.htm&l=popup&did=FAA%20Research%201989%20-%202002%2FInfobase%2F24cb%2F2c64%2F2ec8&sub=320p1
http://localhost/HFAMI/lpext.dll?f=FifLink&t=document-frame.htm&l=jump&iid=607cc687.1bc10c5d.0.0&nid=332b#JD_p2-534
http://localhost/HFAMI/lpext.dll?f=FifLink&t=document-frame.htm&l=jump&iid=607cc687.1bc10c5d.0.0&nid=332b#JD_p2-534
http://localhost/HFAMI/lpext.dll?f=FifLink&t=document-frame.htm&l=jump&iid=607cc687.1bc10c5d.0.0&nid=332d#JD_p2-535

Covariatel: EFT Errors, EFT Times, MFFT
Errors

Covariate2: MFFT Time (negative), Visual Acuity

Covariate 1 represents poor accuracy performance and field dependence, while Covariate 2 represents fast performance with good vision. Table 5.21summarizes

the analyses of covariance of the measures taken. There were no significant group effects, and only a single day effect, that on total time for the task. Covariate 2
was significant for total time and for criterion Xc. Figure 5.8 shows plots of the results for times, misses, false alarms, and sensitivity (d') comparing the

experimental and control groups across the four days of the experiment.

Measured Analyzed Groups {(G) Days (D) GXD Covariate 1 Covariate 2
Total Time P < 0.0001 P =0.0235
Misses - - - - -

False Alarms —— - I -

Sensitivity {d") - — - - -

Criterion (X} - - - - P = 0.0355%

" Indicates that the Yisual Scuity component of covariate 2 was significant at P2 00244,

Tahle £.21  Summary of Analyses of Covanance for Off-Line Feedback Expenment


http://localhost/HFAMI/lpext.dll?f=FifLink&t=document-frame.htm&l=popup&did=FAA%20Research%201989%20-%202002%2FInfobase%2F24cb%2F2c64%2F2ec8&sub=327p1
http://localhost/HFAMI/lpext.dll?f=FifLink&t=document-frame.htm&l=popup&did=FAA%20Research%201989%20-%202002%2FInfobase%2F24cb%2F2c64%2F2ec8&sub=327p2
http://localhost/HFAMI/lpext.dll?f=FifLink&t=document-frame.htm&l=popup&did=FAA%20Research%201989%20-%202002%2FInfobase%2F24cb%2F2c64%2F2ec8&sub=327p3
http://localhost/HFAMI/lpext.dll?f=FifLink&t=document-frame.htm&l=popup&did=FAA%20Research%201989%20-%202002%2FInfobase%2F24cb%2F2c64%2F2ec8&sub=328p1
http://localhost/HFAMI/lpext.dll?f=FifLink&t=document-frame.htm&l=jump&iid=607cc687.1bc10c5d.0.0&nid=338d#JD_P2Table521
http://localhost/HFAMI/lpext.dll?f=FifLink&t=document-frame.htm&l=jump&iid=607cc687.1bc10c5d.0.0&nid=338f#JD_P2Figure58

Mumber of Miszes Mumber of F alze Alarm

0 35
25 ar
25
20
201-
15 +
15
0 -
0=
5 r t
o —=— Experimental  —— Control —= Experimental  —+ Control
1 1 1 1 [} 1 1 1 1

o 1 2 3 4 H a 1 2 3 4 5
Dlay of Test Diay of Test
Tatal Time For 420 Rivets, = Senzitivity, d'
260 ]
" | %
150 | i g
00 e
50 1F
—= Experimental  —+ Control —=— Experimental  —+— Cantrol
1 1 1 1 I:I 1 1 1 1

1

I 1 2 3 4 5 0 1 2 3 4 5
DClay of Test Diay of Test

Figure 5.8 Day X Group Interactionsfor Off-Line Feedback Experiment

5.3.3.4.3 Discussion

The major finding of thisfirst experiment using the NDI program was one of very high between-subject and day-to-day variability. The between-subject variability
was expected, and it appears that some of this variability at least is predictable using the covariates derived. Because of this variability, the effects shown in Figure
5.8 do not reach statistical significance with only eight subjects per group. Having said this, thereisan indication in al four parts of Figure 5.8 that the
experimental group outperforms the control group by the end of the experiment.


http://localhost/HFAMI/lpext.dll?f=FifLink&t=document-frame.htm&l=popup&did=FAA%20Research%201989%20-%202002%2FInfobase%2F24cb%2F2c64%2F2ec8&sub=334p1
http://localhost/HFAMI/lpext.dll?f=FifLink&t=document-frame.htm&l=jump&iid=607cc687.1bc10c5d.0.0&nid=338f#JD_P2Figure58
http://localhost/HFAMI/lpext.dll?f=FifLink&t=document-frame.htm&l=jump&iid=607cc687.1bc10c5d.0.0&nid=338f#JD_P2Figure58
http://localhost/HFAMI/lpext.dll?f=FifLink&t=document-frame.htm&l=jump&iid=607cc687.1bc10c5d.0.0&nid=338f#JD_P2Figure58

Over the four days of the experiment, accuracy performance, as measured by misses and false alarms, improved slightly for the control group and somewhat more
for the experimental group. Despite this overall improvement, the day-to-day improvement was erratic. Total time decreased for both groups, with the experimental
group being more rapid than the control group throughout. Sensitivity, as defined in Signal Detection Theory, marginally favored the control group until the final
day, when the experimental group continued to improve while the control group regressed slightly.

During the course of the experiment, it was clear that the experimental group was using the off-line feedback to modify their inspection strategy. However, this
processinvolved trial and error, which gave considerable variability of performance. The performance feedback helped somewhat, but would have been much
easier to interpret if it had contained hints and steps that the inspectors could take to make the improvements they knew were needed. Cognitive feedback, as
postulated in Section 5.3.3.1 appears to be required if inspectors are to make use of their own performance data.

5.3.3.4.4 Conclusions

While off-line performance feedback was marginally effective, the high variability between subjects prevented significant results from being obtained. At least part
of the day-to-day variability was due to subjects using the feedback in an unguided manner in an attempt to improve, suggesting that cognitive feedback may be
needed to supplement off-line performance feedback. The small size of the feedback task (80 rivets) might also have failed to provide sufficient data to significantly
aid in transfer of feedback results. The significant covariates for total time and criterion also indicate influence of other independent factors, namely visua acuity
and cognitive style.

5.3.4 A FRAMEWORK FOR SPEED/ACCURACY TRADEOFF IN AIRCRAFT INSPECTION

In amost any discussion with aircraft maintenance personnel, maintenance managers, regulatory bodies, or the travelling public, the general issue of inspection
accuracy arises. More specifically, in the post-deregulation environment of U.S. commercial aviation, the effect of time pressures on the inspection system
(particularly the human inspector) is causing concern. This section reviews the functions and tasks of aircraft inspection, based upon atwo-year observational study
of the system, and uses prior studies of human inspection to examine the possibilities of time pressure affecting accuracy. A Speed/Accuracy Tradeoff (SATO)
perspectiveistaken, i.e. how do speed and accuracy co-vary in inspection.

Both speed and accuracy are relatively easy to define in inspection.
Speed: Therate of ingpecting items, usually measured as the reciprocal of thetime (t) taken to inspect asingle item or defined area.
Accuracy: Fase Alarm (Type 1 error) The probability of an inspector responding that a defect exists, when in truth it does not.
Miss (Type 2 error)  The probability of an inspector failing to respond that a defect exists, when in truth it does exist.

This section is concerned explicitly with the co-variation of (t), False Alarms, and Misses.

From an airline management perspective, two goals need to be achieved by the system: safety and profitability. The profitability goal can only be achieved by first
ensuring that the safety goal is achieved economically. These objectives are passed through sometimes complex organizational systems (Taylor, 1990) to
supervisors and finally to inspectors. At the inspector's level two goals need to be achieved by the inspection system: accuracy and speed. Accuracy means
detecting those indications (faults) which must be remedied for the safe operation of the aircraft while not activating the maintenance system for non-faults. Speed
means the task must be performed in atimely manner without the utilization of excessive resources. These two criteria of the inspection system can be expected to
be inversely related at the inspection level (Drury, 1985).

When inspection is split into its task steps (Table 5.1 of Section 5.1), it can be seen that all of the tasks require both speed and accuracy for their completion.

However, the most error-prone activities in industrial inspection are the search and decision making tasks (Drury, 1984) while access is an activity whose time must
be minimized for efficient operation.
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The speed and accuracy with which each of the componentsiis performed depends upon the relative utilities of the various outcomes to the inspectors. Utility isa
concept that can be used in models of the inspector as a maximizer or optimizer (Drury, 1992) to give a normative model as a starting point for more realistic
inspector models. Thus, the optimum speed and accuracy is not defined in terms of minimizing or maximizing one particular aspect of inspection but is defined in
terms of a performance which yields the highest overall utility.

If atask can be performed at various levels of speed and accuracy, then it is possible (Wickens, 1984) to generate an operating characteristic curve (see Figure 5.9a)
relating the two measures. Any point on the speed/accuracy operating characteristic (SAOC) curve shows the accuracy with which the task can be performed at a
particular speed. Hence to meet the designed system objectives of speed and accuracy, it is essential that the inspectors operate at the correct point on the correct
operating-characteristic curve.

Accyracy

{a)

Speed

Figure 5.9a Generalized Speed/Accuracy Operating Characteristics (SAOC)
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In order for an inspector to choose a particular strategy from the set of available strategies, it is necessary to determine the utility of all the candidate strategies, as a
function of speed and accuracy. The utility can be computed for every point in the joint performance space (Speed, Accuracy), whether that point is achievable or
not. Now by knowing the utility function it is possible to determine the optimal operating point, i.e. that which maximizes the expected utility. Typically, contours
of equal utility are superimposed upon the SAOC to show where this optimal operating point occurs (see Figure 5.9b). This section considers access, search, and
decision making in turn, and uses models of each to show the form of the SAOC. Models are not developed in detail. For more information the original report
(Drury and Gramopadhye, 1991) can be consulted. Each model is an optimization model, showing how an inspector may be expected to choose between alternative
strategies. In large decision tasks, there is considerable evidence that they are satisfiers rather than maximizers (Wickens, 1991). However, in small task
components such as those found in inspection, optimization models represent a good starting point for consideration of the factors involved (Drury, 1988; Chi,
1990).

Figure 5.9b Generalized Speed/Accuracy Operating Characteristics (SAOC)

5.3.4.1 Factors Affecting Access Tasks
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The access task consists of physically reaching the area to be inspected. This may be an unaided human task (e.g., areainspection of lower fuselage skin), aided by
access devices (e.g., steps, scaffolding, cherrypickers), or require access through intervening structure (e.g., inspection of interiors of wing fuel tanks through access
holes). All of these activities involve controlling the movement of the inspector's body, or body parts, within arestricted space. In general, control theoretic models
of the human operator in control tasks (Sheridan and Ferrell, 1974; Wickens, 1984) show that as more speed is demanded, tracking accuracy decreases--atypical
SATO. If the access task is modelled as moving accurately between two boundaries without making an error of exceeding a boundary, then the self-paced tracking
models of Drury (1971) and Montazer, Drury and Karwan (1987) can apply. Thus, moving the body along the walkway of a scaffold without hitting (and possibly
damaging) the aircraft structure on one side or the scaffold rail on the other is such atask. Moving the hand (or head) through an access hole or moving a
cherrypicker along the fuselage upper skin, (although only one physical boundary exists here) are further examples.

The self-paced tracking model considers the inspector, or a vehicle controlled by the inspector, as choosing a speed which will maximize the utility to the inspector.
Utility is composed of rewards for speed and penalties for error, in this case the error of exceeding the fixed boundaries. Model results, and experimental datafrom a
variety of studies, have shown that the speed chosen increases with space available (e.g., width) until some limiting speed isreached. The three factors affecting
performance are thus space available, the ease of control (controllability) of the vehicle, and the inspector's perception of the relative utilities of speed and accuracy.
Each will be considered in turn.

5.3.4.1.1 Space Available

Space available can be controlled relatively easily around the aircraft, but access within the airframe itself islargely determined at the design stage. With older
aircraft there has been a history of unpleasant surprises for maintenance personnel when they reached service, but manufacturers are now using computer-

mani pulable human anthropomorphic models (e.g., CREWCHIEF, SAMMIE) to examine access for maintenance before structures are finalized. Note, however,

that the SATO model shows that more space improves performance, so that the minimum necessary for physical access (e.g., for a 95th percentile male) will not
provide optimum performance. A human anthropomorphic model only gives the space required for a person to statistically assume a posture. For movement (the
essence of maintenance and inspection) more access room is required beyond this minimum. The same considerations apply to access around the aircraft. Steps and
walkways should be made wide enough to provide unhindered movement, not just wide enough to accommodate a large static human. As an example, Drury (1985)
reports that for movement through a doorway both performance time and errors decrease from the anthropometric minimum width of about 20 inchesto the
unhindered width of 36 inches. Very similar findings are used in the aviation industry to determine sizes of emergency doors for passengers.

During Phase 111 of thiswork, explicit models and experiments will be developed to test the effects of space available, and human posture, on performance and
stress in ingpection and maintenance activities.

5.3.4.1.2 Controllability

Controllability of the system having access is amajor determinant of access performance. For most tasks, the "system” is the inspector's own body, the most
naturally controllable system. However, controllability can be adversely affected by equipment carried (flashlight, tools, work cards, NDI equipment) and by the
quality of clothing worn. Thus, coveralls and shoes should be minimally restrictive. Shoes should also provide good grip on a variety of surfaces under both wet
and dry environmental conditions. Controllability will be decreased by any impairment of the human, for example sickness, alcohol, or drugs, reinforcing the
control required over such conditions at the work place.
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For control of systems such as vehicles (e.g., cherrypickers, wheeled steps, moveable access scaffolds) a considerable body of information exists (e.g., Wickens,
1984) on the human as controller. Most of these recommendations apply equally to the self-paced access tasks considered here. Thus for example, controls should
move in the same directions and sense as the element they control. It should be noted that many cherrypickers have hydraulic or eectrical controls which violate
this principle. Direction of motion errors are to be expected with such systems, causing at best a slowing of the task and at worse damage to the aircraft structure,
depending upon the operator's SATO choice. These same controls are often not progressive in operation, but "bang-bang" controls, either fully on or fully off. With
such a degraded control system, any designed speed setting is a poor compromise. At timesit istoo slow, causing delay and frustration in making long movements,
while at other timesit istoo rapid, causing errors and time-consuming multiple corrections in making the final accurate positioning movements. In addition, any
time lags or inertiain the system controlled will have a negative impact on controllability.

Within the maintenance hangar, there are other constraints on design (or choice) of access equipment. Any equipment must be availableif it is not to cause delays,
suggesting both that a sufficient supply exists, and that it is well-scheduled. The difficulty with maintaining a sufficient supply is that such equipment is both
expensive and space-consuming. The typical management response is to have a mixture of special-purpose equipment, such as empennage access scaffolding, and
standardized, flexible equipment, such as stepladders, cherrypickers, and standard moveable platforms. When only asingle aircraft typeisto be serviced, asin most
large airlines and specialist repair centers, purpose-built equipment should, and does, predominate. In more general purpose organizations, the emphasisis on
standardized, flexible equipment. However, there are still times when schedules demand more access equipment than isinstantaneously available. It is at these
times that available equipment is substituted for correct equipment to avoid delays. Theresult islower system controllability, with the potential for errors affecting
both job performance and personnel safety.

5.3.4.1.3 Perception of Utilities

Given the space available and the controllability of the system, the balance between speed and accuracy is still finally chosen by the operator's own SATO. As
discussed earlier, thisis where any gate pressures or schedule demands can have an effect. Asaccessis atask of inspection which appears non-critical, it can be one
wheretime is saved for tasks perceived as more important. In addition, access is where pressures from other members of the maintenance team can be acute. Co-
workerswill at times need the access equipment the inspector is using or vice versa, leading to time pressures over a short time scale even where none exist on the
longer-term scale of a whole maintenance visit.

Inspectors' errorsin access are defined as reaching or exceeding the boundary of available space. They thus include both damage to aircraft structure, and injury to
the inspector. Humans are likely to misperceive the risks associated with such rare events, both in terms of the consequences and probabilities involved.
Particularly with highly experienced personnel, such asinspectors, the probabilities of error are typically rated lower than their objective values. This can be
expected to lead to a choice of SATO strategy favoring speed rather than accuracy.

5.3.4.2 Factors Affecting Search Tasks

The process of visual search of an extended area, such asthe area called out on aworkcard, has been successfully modeled since the start of human factors
engineering. A human searcher (e.g., the inspector) makes a sequence of fixations, centered on different pointsin the area. During afixation, which typically lasts
0.25-0.5 seconds, the inspector can detect defectsin an area, called the visual lobe, around the fixation center. Between fixations the eye moves very rapidly and
can take in very littleinformation. The sequence of fixations can either be modelled as random (e.g., Krendel and Wodinski, 1960) or systematic with repeated
scans (e.g., Williams, 1966). For both of these models, equations can be devel oped relating the probability of detection to the time spent searching (Morawski,
Drury and Karwan, 1980).

In general, the longer an inspector searches an area, the greater the probability of atarget being located, with diminishing returns as search time isincreased. Such
curves are the SAOC's of visua search, and are shown in Figure 5.10. Given such SAOC's, then the optimum time for searching can be calculated (Morawski,

Drury and Karwan, 1992) based upon the reward for speed and the penalty for error.
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Figure5.10 Typical Cumulative Search Time Distribution. GivingtheSAgc for Visual Search

From the visual search models, three groups of factors determine search performance:

1. Factors affecting the visual lobe.
2. Factors affecting the search strategy.
3. Factors affecting the SATO and stopping policy.

Based on the defect type, severity level, and location, the defects can be classified into critical and non-critical defects. Critical defects are those defects which
affect the airworthiness of the aircraft, hence whose detection is critically important. Non-critical defects do not immediately affect the airworthiness of the aircraft
but have to be detected in the long run. Thereisclearly a heavy penalty for missing critical defects, but the entire area needs to be searched for both critical and
noncritical defects within a specified time period. Thus, two goals need to be achieved by the inspector, speed and accuracy, for which the inspector needs to be
efficient aswell as effective. In order to understand the Speed/Accuracy Tradeoffs in search where the inspector is looking for multiple defect types, the factors
which affect this tradeoff and indeed the whole search process must be examined.

5.3.4.2.1 Visual Lobe Factors
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According to Engel (1971) fault conspicuity is defined as that combination of properties of avisual object in its background by which it attracts attention viathe
visual system, and is seen as a consequence. Monk and Brown (1975) have shown that mean search times increase as a function of the number of non-targetsin the
target surroundings. They have also shown that isolated targets are more easily detected than those surrounded by non-targets. Williams (1966) has shown that the
color and size of the targets can be used by subjects to direct their eye movements. Studies of information processing within a single fixation have shown that the
probability of target detection increases with increased target size and brightness contrast, and decreases with angular distance from the fixation point (Overington,
1973). This decrease with off-axis angle provides the basis for determining visual lobe size, i.e., the area within which atarget may be detected (Bloomfield, 1975).

In aviation, this search performance has been extensively studied and modeled to determine human performance in detection of military targets (for example,
ground targets or hostile aircraft). In terms of aviation maintenance inspection, the implication is that lighting and other target/background amplification devices
should be used to make the conspicuity of a defect as high as possible, and hence increase visual lobe size.

There are, of course, individua differencesin visua lobe size. Eye movement studies have shown that subjects who have larger visual lobes are more efficient, or
they detect targets (faults) earlier on in the search process (Schoonard, et al., 1973; Boynton, 1960). Johnston (1965) provided evidence to suggest that subjects who
obtain high peripheral acuity scores exhibit relatively shorter search time. Thereis evidence that the visual lobe size is amenable to training (Gramopadhye,
Palanivel, Knapp, and Drury, 1991). Thereis no evidence that better inspectors have shorter fixation times, only that they make fewer fixations, presumably
because of the larger visual lobe size.

The implication for aviation inspectorsis that individual differences may be quite large, but are amenable to training. Other evidence (Gallwey, 1982; Drury and
Wang, 1986) suggests that selection tests for visual lobe size may well be task-specific, in that the ability to search for defect (D) in background (B) may be
unrelated to the ability to search for adifferent defect (D') in a different background (B'). As Drury and Gramopadhye (1990) have noted, training appearsto be a
more powerful intervention strategy than selection for inspection tasks.

5.3.4.2.2 Search Strategy Factors

As noted earlier in this section, search strategy can be modeled as random or systematic, with humans believed to lie in between these two extremes. A systematic
search strategy is always more efficient than a random strategy. Scanning strategy is dependent on an inspector's:

1. Familiarity with the task (experience).
2. Ability to obtain and utilize feedforward information from cues regarding defect |ocations and defect types uncertainty). Gould and Carn (1973) and

Monk (1977) have shown that in tasks which do not lend themselves readily to the adaptation of systematic search strategy, search timesincrease with
increased fault uncertainty.

Search strategy in visual search isaglobal term which reflects many parameters of saccadic movement. The speed with which search is performed is dependent on
the eye movement parameters, such as those listed by Megaw and Richardson, 1979: fixation times, spatial distribution of fixation, interfixation distance, duration
of eye movements, and sequential indices. Fixation times have already been considered in the previous section on visual |obe factors.

Inspectors do not have uniform coverage of the areainspected (Schoonard, et al., 1973), with the central portions given more attention than the edges. In addition,

inspectors may not always choose a correct distance between successive fixation centers (Gould and Schaffer, 1967; Megaw and Richardson, 1979). The scan path
of an inspector changes with experience (Kundel and Lafollette, 1972; Bhatnager, 1987) to reflect a more consistent path, more even coverage, and more coverage

where there is a higher probability of afault being located.

The studies of search strategy are not conclusive on how to take practical steps to improve that strategy, although they do point to structuring of the search field asa
way to increase the likelihood of systematic search.

With astructured field, the current fixation point will serve as amemory aid to which areas have already been searched. Suitable structuring devices may be panel
lines, physical elements of complex parts (doors, landing gear), or superimposed temporary structures, such as inspectors markings on aircraft.

Any such structuring lines should be made clear on the graphics included with workcards, and in any training materials.



There arelikely to be large individual differencesin search strategy, differences which are relatively stable over time. Theissue of training of search strategy isthe
subject of one of the experiments presented in the training section (Section 5.3.5).

5.3.4.2.3 SATO and Stopping Policy Factors

Choice of operating point on the SAOC is determined by the perceived utilities of speed and accuracy. The only error possible on a search task is a Miss, so that
high accuracy implieslocating all potential defectsin the structure. Inspectors are highly motivated for accuracy, as noted earlier (Shepherd, et a., 1991), so that one
would expect an operating point on the SAOC representing long search times, with repeated search being common. In practice, inspectors appear to stop at the end

of asingle scan of the area, only repeating a fixation if some indication has been found. It appears that inspectors recognize the "diminishing returns" aspect of
search performance, and are confident enough in their abilities that a single scan at the appropriate level of detail is seen asoptimal. Such apolicy certainly reduces
the memory load and potential vigilance effects associated with multiple scans. However, the inspector will need to be "recalibrated” at periodic intervals by
retraining or by providing test sessions to ensure that the speed of inspection chosen is appropriate to the accuracy demanded.

5.3.4.3 Factors Affecting Decision Making

Decision making is the task during which any potential defect (indication) located by the search task is evaluated to determine whether it should be reported. In this
task both Type 1 errors (False Alarms) and Type 2 errors (Misses) can occur. These have their own tradeoff relationship, so that some combined accuracy measure
must be derived before any tradeoff between speed and accuracy can be considered.

One particular model of the human as a rational economic maximizer which has received widespread support in inspection is Signal Detection Theory (SDT).
Originally proposed by Swets and various co-workers (e.g., Swets, 1967) as amodel for how humans detect signalsin noise, it was subsequently applied
successfully to inspection (Wallack and Adams, 1969, 1970; Sheehan and Drury, 1971; Drury and Addison, 1973).

Inthe SDT, the inspector is assumed to be making a choice for each item inspected of whether the item contains a defect ("signal") or does not ("noise"). Asthe

evidence for signal or noise is somewhat equivocal, there is assumed to be an "evidence variable" which increases when a signal is present and decreases when only
noise is present. An example would be the judgement of whether a dent in a stabilizer leading edge should be reported. Dents can range from almost imperceptible
to obviously reportable. The evidence variable (dent visual severity) must be judged against both written size standards and the likely effect of the dent on flight
characteristics.

SDT shows that the two error probabilities, p (miss) and p' (false darm), can be derived from a model in which the inspector chooses a criterion (Xc) to report on the

presence of adefect. Asthis criterion varies from high (defects rarely reported as present) to low (defects often reported as present), an Operating Characteristic
Curveistraced out. This curve has become known as the Receiver Operating Characteristic (ROC) in SDT literature. A different ROC curveistraced out for

different levels of signal/noise ratio, known as discriminability and symbolized by d'.

Wickens (1984) has divided tasks into those which are resource limited and those which are datalimited. In the former tasks, as the operator brings more resources
to bear on a problem (e.g., devotes greater time to it) performance improves. In adatalimited task, the quality of the data received by the operator is the limiting
factor, so that more resources yield no better performance. It appearsthat SDT tasks are only resource limited up to short times, after which they are data limited.

Because aircraft inspection istypically a matter of minutes and hours rather than seconds, a reasonable assumption is that its decision making aspects are data
limited. Thusthereisunlikely to be amarked SATO for decision making during the inspection task. However, the grosser aspects of decision may still show a

SATO. For example, if the inspector is unable to reach a decision, the supervisor (or other senior personnel) may be called in to assist. Here theinspector is
attempting to improve accuracy at the cost of increased time.

From the SDT model, there are three groups of factors which can affect the overall speed and accuracy:

1. Discriminability or sensitivity.
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2. Choice of criterion.
3. Choice of SATO operating point.

5.3.4.3.1 Factors Affecting Sensitivity

Most factors affecting discriminability or sensitivity are physical, and can be characterized as the perceived difference between the observed indication and a
standard. Thus, indications obviously well above or below the standard will have high d' values. Examples would be large areas of corrosion, cracks noticeably
larger than those allowed, or completely missing rivets. None would require difficult (i.e., error prone) decisions. But "perceived difference" implies both high
signal and low noisein SDT terminology. Low noise means low levels of visua distraction (i.e., competent cleaning), low levels of fatigue (i.e., frequent task

breaks), and very clear standards (i.e., well-defined and well-presented job aids). All of these can be improved in aircraft inspection.

Comparison standards at the work place have been shown to be effective in improving discriminability (Drury, 1990b). It should be possible for the inspector to
make a direct side-by-side comparison of an indication with a standard. For example, the critical amount of corrosion beyond which areport must be made should
be indicated by alife-sized diagram on the workcard. Also, if different corrosion types are present, life-sized photographs help in positive identification (Harris and
Chaney, 1969).

5.3.4.3.2 Factors Affecting Criterion

From SDT, the two factors affecting the choice of criterion are the relative costs of errors (misses and false alarms) and the true rate of defects (p'). From these
factors, the optimum criterion can be calculated, but thisis rarely the exact criterion used by the inspector. In laboratory tasks, and in non- aviation inspection tasks,
inspectors choose a criterion in a conservative manner. Thus, if the criterion should be low (i.e., they should be very willing to report indications as defects),
inspectors choose a criterion which is not low enough. Similarly, they choose a criterion which is not high enough when the criterion should be high. Because of
this conservatism inspectors may not react quickly enough in changing their criterion as costs and probabilities change. Thus, it isimportant to provide accurate and
up-to-date feedforward information on the probabilities of defects in different areasto allow the inspector to make rapid criterion changes.

There are also known criterion shifts with both changing defect rate and time on task. Thereislittle to be done about increasing the defect rate: it isfixed by the
state of the aircraft. The reduction in hit rate at very low defect rates may well set alimit to the use of humans as detectors of rare events. Paradoxically, as
maintenance improves to give fewer defects, the capability of the inspector to detect the few remaining defects worsens. Thereis clearly aneed for more research
into human/machine function allocation to aleviate thislow defect rate problem. Time on task, the vigilance phenomenon, only causes a reduced detection rate due
to criterion shift under specia circumstances, i.e. uninterrupted performance. This may not be a problem in aircraft inspection, although the heavy use of night shift
inspection where interruptions are less frequent and the human less vigilant, requires further study.

5.3.4.3.3 Factors Affecting SATO

The influence of decision time on sensitivity (d') was seen earlier, where it was suggested that it may not be of great importance. The ability of the inspector to
integrate signal information over time may only extend for very short periods, at least compared to the time spent on search. However, this signal integration is not
the only temporal aspect of decision making. When an indication is found from search, time is taken not so much in obtaining signal input asin locating and using
standards, and performing the response. Thus, an inspector may have to locate the relevant standard on the workcard (which is arelatively rapid task) or in a
manual (alonger task), or even through interpretation by others in management, quality control, or engineering (a much longer task). The response requires time to
write, and amemory load. Thisresponse will aso produce more work for the maintenance team, and hence potentially delay return to service. All of these
represent indirect time pressures on the inspector.

In practice, inspectors do not appear to respond to such time pressures as much as may be expected. Their training and management reinforcement is biased towards
accuracy in any SATO. However, the managers of inspectors do feel these pressures, and also feel the need to insulate "their" inspectors from the pressures.
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5.3.4.4 A General Framework for Improving Speed/Accuracy Tradeoff

In this section, awide variety of temporal effects on inspection have been noted. In addition to the direct effect of time pressures (SATO), effects of time-on-task
and time-of-day can be expected where vigilance or fatigue are relevant issues.

The main focus, however, has been on the joint performance measures of time-per-item and inspection errors, or their complements--speed and accuracy. Models
have been presented which show how speed and accuracy are jointly determined. Access, search, and decision making all show a predictable speed/accuracy
tradeoff.

If the objective is ultimately to bring speed and accuracy jointly under control, then the same concepts apply to all three key tasks. The equations defining the speed/
accuracy operating characteristics have been given in detail, but the essence of al isthe same: the SAOC defines the envel ope of possible performance, determined

by the physical functioning of the human operator within a physically-defined system. The choice of operating point on the SAOC is determined by the perceived
costs of time and errors, and by the perceived probability of a defect being present. Thus, there are two control modes, hopefully applied in sequence:

1. Obtain the best SAOC envelope.

2. Obtain the best operating point on the envelope.
Clearly, the first control mode gives the prospect of simultaneous improvement in speed and accuracy, whereas the second control mode only substitutes one

undesirable consequence (time) for another (errors). The analogy with inspection instrumentation (a close analogy for decision making) is that the first control
mode represents increasing the signal-to-noise ratio of the instrument, while the second control mode is equivalent to choosing an optimum threshold setting.

Thefirst control mode can be represented for the three tasks considered as:
Access:  Changing the controllability of the vehicle or the unaided human movement.
Search: Changing the visual lobe size, areato be searched, and fixation time.
Decision Making:  Changing the sensitivity/discriminability of the defect.

All of these three parameters (k,t,d') will take effort to improve, as they imply a change in either the physical system or the human training to deal with that system.
The benefit from these changes, however, is seen in both speed and accuracy, and will be obtained. However, the speed/accuracy tradeoff is set (within broad
limits).

In contrast, the second control mode implies altering the human's perception of costs/payoffs and probabilities to ensure that the balance the inspector chooses
between speed and accuracy is the one which is optimal. For al of the models, this comes down to the costs and probabilities of errors and the costs of time. Error
costs come from peers and other co-workers, from the management, and ultimately from society and itsinstitutions (e.g., FAA) Costs of time come from perceived
urgency of job completion. Examples are gate pressures, and the requirement for inspection to be completed early so that repairs can be scheduled. If there are
conflicts and inconsistencies between these costs from different sources, or even their perceived costs, then confusion and inconsistency will result. For al convex
SAOC curves, averaging of two different operating points will produce an apparent operating point (C) on alower SAOC. Inconsistency in the second control
model can thus appear as aworsening in the first control mode.
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Control of perceived costsislargely afunction of the organization: its structure and itsinformation flows. With a complex system such as aircraft maintenance and
inspection (e.g., Taylor, 1990), intervention must follow careful technical analysis of the organization. For example, the more separated the inspection subsystem is
from the maintenance subsystem, the fewer the direct pressures on the inspector. However, the price of thisindependence may well be lack of coordination and
technical understanding between two of the major groups involved in maintaining airworthiness. Observations made during this project have pointed towards a lack
of perceived time pressure on inspectors, largely due to their managers' function asinsulators. No quantitative data (e.g., from surveys, questionnaires, or ratings)
are available to substantiate this observation, but an obvious next step is to collect such datain aformal manner. The outcome of such a data collection effort would
be abaseline of how (and where) inspectors choose their operating point on the SAOC. The options available for changing the SAOC and the operating point are

still those given in this section.

5.3.5 A FRAMEWORK FOR TRAINING FOR VISUAL INSPECTION

In paralel with development of training systems for diagnostic tasks (e.g., Johnson, 1990) the predominance of visual inspection requires studies of visua
inspection training. Earlier reviews of training in aircraft inspection (Drury and Gramopadhye, 1990; Shepherd, et al., 1991) have shown how the component tasks

of inspection are amenable to training interventions. Literature from industrial inspection training was reviewed and applied to aircraft inspection.

Training is aimed at reducing both search errors (all misses) and decision errors (misses and false alarms). From areview of the various training interventions
available (Gramopadhye, 1992), it becomes apparent that some interventions are better suited to some component tasks. The following section presents part of this
review as aresearch rationale which will lead to specific experimental tests of training interventions. The review in Section 5.3.5.1 coversthree areas which are

critical to inspection performance: search, decision-making, and perception.

5.3.5.1 Results of Inspection Training Literature Review

5.3.5.1.1 Search

Asnoted in Section 5.3.4.2, search task performance is afunction of visual lobe size and search strategy. Visual lobe training has been studied by L eachtenaver

(1978) for photo-interpreters, who found that practice on a search task increased visual lobe size. However, practice on avisual |obe measurement task may also
increase lobe size and transfer thisincrease to search performance.

Search strategy training is an under-represented area in the literature. From the literature it is seen that systematic search is always more efficient than random
search, so that a useful assumption is that the searcher is always trying to be systematic (Arani, Drury and Karwan, 1984). One training objective should be to
ensure systematic search, i.e. search in which all areas are fixated, and none are refixated during a single scan. The mgjor difference between systematic and
random search is whether or not an areais refixated. The only logical reason for an inspector to refixate an area before atotal scan is completed is that the searcher
does not remember whether or not that area has been fixated already. Hence, it is seen that it is necessary to provide a memory-aid to the inspector to indicate the
points of previous fixations to avoid refixations. This could be done by training the inspectors to use feedback from eye movements, either continuously (on-line),
or in adiscrete manner at the end of a search task.

Feedback from eye movements can be provided regarding both the number of fixations and the interfixation distance. Literature suggests that these parameters are
correlated with an inspector's efficiency in locating possible defects. Providing this sort of feedback would be expected to result in the inspector developing a more
efficient search strategy.

5.3.5.1.2 Decision Making

Wickens (1984) states that training for decision making can be provided in the following ways:
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» Make the decision maker aware of the nature of limitations and biases. Training operators to consider alternative hypotheses might reduce the
likelihood of cognitive tunnel vision.

» Provide comprehensive and immediate feedback so that the operators are forced to attend to the degree of success or failure of their rules.

» Capitalize on the natural efforts of humans to seek causal relationshipsin integrating cues when correlations between variables are known beforehand.
Hence, providing information to the operator so as to emphasize the co-relational structure would help in entertaining particular hypotheses.

5.3.5.1.3 Perception

When the separate features that define all objects within a category may be variable, objects are assigned to different perceptual categories. Thus, the operator needs
to develop a perceptua schema, aform of knowledge or mental representation that people use to assign to ill-defined categories. The schemais a general body of
knowledge about the characteristics of a perceptual category that does not contain a strict listing of its defining features (e.g., features which must all be present for a
particular instance to be termed a category). Because of such fuzzy defining characteristics, the schemais normally acquired as aresult of perceptual experience
with examples rather than learning a simple defining set of rules.

According to Posner and Keele (1968, 1970) the development of a schema consists of two components:

* agenera representation of the mean, i.e., the basic form from which all the forms are
derived;
* an abstract representation of the variability.

Research in schema formation suggests that the nature of mental representation which people use to classify stimuli into categoriesis not astrict list of the
characteristics of the prototype but that the mental representation also contains information concerning the variability around the template. Thisis suggested by
Posner and Keele (1968) who found that exposure to a variety of instances of a schema induced better performance than repeated exposure to a single instance.

Theories proposed by Medin and Schaffer (1978) state that assignment is not made by relating each new instance to a central prototype but rather relating it to the
exemplar to which it is most similar and then assigning each new instance to the residence category of that exemplar.

Thus, from the above discussion, it is seen that to help in the development of the schema the training provided should be of variable instances of the category rather
than a single instance of a prototypical member or rules defining the features which would classify the membersinto categories. The amount of variability provided
in the training should be similar to that existing in the real setting.

5.3.5.2 Rationale for Research on Visual Inspection Training

From the above discussion, training for visual search would be expected to result in reduced search errors (Type 2 errors) and reduced search time. Similarly,
training for decision making and perception would be expected to result in reduced Type 1 and Type 2 errors. Although training can be used to improve visual
inspection performance, specific training schemes are not associated with factors that determine improvement in visual inspection performance. Hence, ad hoc
training schemes are devel oped that guarantee improvements for a particular task without consideration whether such atraining scheme could be extended to a
similar task or adifferent task, or whether the training is optimizing the use of instructor and trainee time. Hence, the first step in the development of arational
training scheme isto identify the factors that affect visual inspection performance. The next step isto determine which of the functions of the inspection task are
trainable. Thisin turn will establish the sensitivity of the inspection parameters to training.

For any training scheme to be effective it should minimize both search errors and decision errors. Thus, referring to the earlier proposed model of visual inspection,
it is observed that intervention strategies could be devel oped at various stages of the inspection process which could be hypothesized to change the inspection
parameters, resulting in improved performance.

The following factors are critical to the search process:



» ability to identify salient features which can be associated with a particular defect (so that features can be searched in parallel instead of requiring foveal
attention);
e visud
lobe;
* eye movement scanning strategy.
In order to improve visual inspection performance, it is necessary to develop training schemes which predict improvementsin the above factors. 1n the following
section various training schemes are briefly described.

5.3.5.2.1 Visual Lobe Training

The visua lobeis avery important determinant of search performance. Johnston (1965) states that observers with alarger visual lobe require fewer fixations than
observers with asmaller visual lobe. He concluded that alarge visual lobe or periphera acuity may account for superior search performance. We still need to know
how alarge visua lobe can affect search performance and how people can be trained so as to increase the size of the visual lobe. If the above questions are
answered, this would then result in a strategy for improving the visual lobe. The more general question which arisesis. how does |obe size training generalize
across tasks (e.g., targets and backgrounds). We are interested in understanding whether the visual lobe training on a given target type would result in an improved
search performance for a different target type and the sensitivity of the search parameter to thistype of training. Thus, it is essentia to identify whether such a cross-
over effect exists. If it does, thenit is sufficient to train the person on one target type. If not, then it is essential to identify various target subsets, say T1, T2, within
which cross-over does occur. The people could be provided visual lobe training on a single target belonging to each target subset.

5.3.5.2.2 Feedback Training

A person needs rapid and accurate feedback in order to correctly classify a defect, or to know the effectiveness of a search strategy. Every training program should
begin with frequent feedback and gradually delay this until alevel of proficiency has been reached. Additional feedback beyond the end of the training program
will help to keep the inspector calibrated (Drury and Kleiner, 1990). The following feedback could be provided:

»  Feedback regarding the correctness of classifying defective itemsinto categories.
* Feedback of search strategy from monitoring eye movements.
» Feedback of fixation times from the eye movement search.

Thefirst is known to be essential to learning in perceptual tasks (Annett, 1966). It provides the novice information regarding the critical difference between a
defective item and perfect item, thus helping to develop a mental template which has the internal characteristics of the defectiveitem. We are, however, still unsure
asto what has improved. For example, has learning resulted in a new internal conceptual model of the task (i.e., is the inspector using only certain dimensions of
the fault to classify it)?

It has been shown that an important difference between the best and the poorest search performance is the length of the sweeps between eye fixations during a
search task (Boynton, Elworth, and Palmer, 1958). Thus, there exists a difference between how a novice and an expert move their eyes across the visual field.
Gould (1973), in avisua inspection study of circuit chips, found that most of the eye fixations occur within a definite boundary, which is the areamost likely to
contain the targets. It is demonstrated that eye movementsin avisua search scenario occur based on knowledge of the location of faults and on the probability of
them occurring. The question that needs answering is. does feedback information regarding the eye movements help improve the scanning strategy? Here we
hypothesize that providing such feedback information would aid the inspectors by allowing them to identify areas not covered or areas where one spends excessive
time, and helping them develop a strategy to cover the entire area more effectively.

5.3.5.2.3 Feedforward Training




When a novice inspector has no knowledge of the type of faults, probability of faults, and occurrence of faults, visua search would be expected to be inefficient.
Providing feedforward information should result in an improved search strategy because the uncertainty is reduced by the inspector knowing both where to look and
what to look for. Perhaps the inspector could use the information to achieve a more systematic search strategy, guided by the knowledge of the fault characteristics.
The inspector could use feedforward information in the following ways: 1) to ignore the information completely, 2) to selectively incorporate some of the
information, or 3) to incorporate thisinformation only at later stages of inspection, that is, only after gaining some verification. Kleiner (1983) suggests that
experienced inspectors make use of feedforward information that complements their sensitivity to the fault. If the fault is one that is not easily detected, then the
inspector relies heavily on the information provided. According to McKernan (1989), inspection tasks that will most likely benefit from the addition to prior
information include those in which the value of the fault is greater than the value of inspection time, those in which the fault is particularly difficult to detect, and
those in which the product may contain rare, detrimental, and easily overlooked, faults.

5.3.5.2.4 Attribute Training

Consider anitem A. Let theitem be faulty on attributes A1, A2, A3 and A4. The inspector could be trained on each of the above attributes. Such training would
allow the inspector to set aresponse criterion for each attribute. The training should be generalizable in the sense that the inspector should be able to classify the
items as defective if the items are faulty on one or more of the attributes. The inspector could be trained on which attributes to match first based on the probability
of theitem being faulty on the attributes and the ease with which the matching occurs. Experience and training of the inspectors determine how defect attributes are
arranged (Goldberg and Gibson, 1986).

A similar training scheme has been proposed by Salvendy and Seymour (1973) for developing industrial skills. Here, separate parts of the job are taught to
criterion, and then successively larger sequences of the job are integrated. Czaja and Drury (1981) and Kleiner (1983) used such progressive part training very
effectively in inspection.

5.3.5.2.5 Schema Training

It is essential that the subject develop avalid mental template (internal representation) schema of the fault. The key to the development of a schemaisthat it should
provide for successful extrapolation to novel situations which are still recognizable instances of the schema.

We need to know how schemas are devel oped, whether inspectors can be trained to develop schemas, and what sort of training (rule based or knowledge based)
should be provided to the inspectors for effective devel opment of such schemas.

The effects of two methods of training need to be evaluated in schema development: "active training” and "passive training". In active training, the inspector is
presented with various instances of the fault and no- fault, and has to classify them as defective/non-defective. Feedback is provided regarding the correctness of
classification. In contrast, passive training is where the inspector is merely presented with various instances of the faults without requiring an active response.

5.3.5.3 Testing the Visual Inspection Training Framework

In order to test whether the above predictions of training intervention/task component match are correct, a sequence of five experiments are to be undertaken as
follows. All use the visual inspection simulator described in Section 5.3.1. Brief synopses of each experiment are presented, with more detail given for Experiment
5, which has been completed.

Experiment 1. Feedback Training. This compares a control group and three feedback groups, using on- line and off-line feedback of both cognitive factors and
performance factors (c.f. Section 5.3.3).

Experiment 2: Feedforward Training. Again, a control condition is used as a baseline against which to compare rule-based feedforward, knowledge-based
feedforward, and combined feedforward.



http://localhost/HFAMI/lpext.dll?f=FifLink&t=document-frame.htm&l=jump&iid=607cc687.1bc10c5d.0.0&nid=3327#JD_p2-531
http://localhost/HFAMI/lpext.dll?f=FifLink&t=document-frame.htm&l=jump&iid=607cc687.1bc10c5d.0.0&nid=3317#JD_p2-533

Experiment 3. Attribute Training. Training for decision making using attributes training, i.e., providing the trainee with several levels of severity and complexity,
is compared to a control condition where narrative descriptions are provided for the fault attributes.

Experiment 4. Schema Training. Schema development will be encouraged by exposing trainees to awide variety of schemainstances (corrosion levels and
patterns) in both active and passive schemes.

Experiment 5: Visual Lobe Training. This experiment tests for the possible cross-over effects on the size of visual lobe measured for different fault types.

The objectives of this experiment were to determine the relationship between visual 1obe and search performance, relate changes in lobe size to search performance,
and evaluate the effectiveness of lobetraining. In particular, the experiment measured whether crossover effects exist in visual lobe training. It used two types of
rivet fault (cracks and loose rivets) and two types of areafault (corrosion and dents) to determine whether visual |obe training on one fault would generalize to other
faults of the same or different classes.

5.3.5.3.1 Method

Twenty-four subjects were used for this study and were randomly assigned to four different groups, G1, G2, G3 and G4. Subjects were tested for 20/20 vision and
color blindness. All the subjects were administered the EFT (Embedded Figure Test) and MFFT (Matching Familiar Figure Test), which have been shown to

correlate with different aspects of industrial inspection performance.

Group G1: Subjects assigned to this group initially performed the visual search task on the above four fault types (randomly ordered) followed by visual lobe
training on rivet cracks. The visual lobe training consisted of performing the visual lobe task five times. The training session was followed by a search task on the
four fault types.

Group G2: Subjects assigned to this group also initially performed visual search tasks on all four targets (ordered randomly). They followed this by visual lobe
training on one area fault and dent. The visual lobe training consisted of performing the lobe task five times. The training session was followed by a search task on
al four fault types.

Group G3: Subjects assigned to this group performed the visual search task in asimilar manner to subjectsin Groups G1 and G2. However, thiswas followed by
visual lobe training on a neutral target, a computer-generated character. This training session was followed by a similar visual search task.

Group G4: Subjects assigned to this group performed similar visual search tasks. However, they did not undergo any visual lobe training. Subjectsin Group 4
performed a computer task for a duration equal to the time required for the completion of the visual lobe training session in Groups G1, G2, and G3. Thiswas
followed by avisual search task.

5.3.5.3.2 Tasks

Visual Search Task. The visua search task was the simulated airframe visual inspection task described in Section 5.3.1. Subjects had to search for asingle fault
typeinagiven area. Visual search performance of the subjects was evaluated on four faults which were classified into two types:

1. AreaFaults- 1) corrosion, and 2)

dent

2. Rivet Faults- 1) rivet crack, and 2) loose rivets (indicated by streaks of dirt on the rivet edge).
The task was unpaced. During each of the four visual search tasks, the subjects had to search for one of the predefined faults. Subjects were instructed to work as

rapidly as possible consistent with accuracy. Subjects verified their response by clicking on the fault with the mouse button. Once afault was located in agiven
area subjects inspected the next area.
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Visual Lobe Task. The purpose of the lobe task was to determine the size of the visual lobe; i.e., how far into the periphery a subject could seein asingle fixation.
The basic procedure consisted of determining at what distance from the central fixation point the target was completely seen by the subject in asingle fixation of the
fault screen. The exposure duration was kept sufficiently short (0.33 s) to allow the subject a single fixation only. Subjects had to identify a single fault (arivet fault
in group G1, an areafault in group G2 and a neutral fault in group G3). The fault would appear on the horizontal center line of the target screen, at six equally
spaced predetermined locations on the horizontal center line, three positions on either side of the central fixation point. No prior information concerning the
position of the target was provided to the subjects. The subjects identified the position of the target, either to the left or to the right of the origin and accordingly
pressed the key "Q" and "P" to register their response. Subjects were requested to avoid guessing and register responses only if they were sure as to the position of
the targets. The fault screen alternated with a fixation screen, consisting of crosswires at the central fixation point exposed for a period of 2 seconds. The purpose
of the fixation screen was to help the subjects fixate in the center of the screen after each viewing of the target screen.

5.3.5.3.3 Hypotheses Tested

1. Visua lobe training on onerivet fault (rivet crack) will result in improved visual search performance in detecting rivet faults (rivet cracks and loose
rivets).

2. Visuad lobe training on one areafault (dent) will result in improved search performance in detecting area faults (dents and corrosion).

3. Search performance on afault will be superior in the case of subjects who underwent visual lobe training on the particular fault than for subjects who
under went training on a neutral target, or subjects who did not undergo any visua lobe training.

Hypotheses 1 and 2 tested for crossover effects of visual lobe training and hypothesis 3 tested for the effectiveness of visual lobe training in improving visua search
performance.

5.3.5.3.4 Experimental Design

The design was a4 groups x 2 trials factional design with six subjects nested within each group. The following performance measures were collected:

1.  Number of correct responses for each of the six fault positions in the visual lobe task.
2. Timeto detect afault in each screen for the visual search task.

5.3.5.3.5 Results

To determine whether the visual lobe increased in size during the training, an Analysis of Variance (ANOV A) was conducted for the |obe size for the three groups
(1, 2, and 3) receiving lobe training. Over the five training trials, significant effects of group (F (2,15) = 11.05, P < 0.0011), training trial (F (4,60) = 13.46, P<
0.0000) and their interaction (F (8,60) = 1.75, P < 0.1046) were found. To test whether the visual |obe training transferred to the visual search task, ANOVAswere
performed on the mean search times for each fault type. These analyzes are summarized in Table 5.22, showing no main effects of groups, but highly significant
group X trial interaction. Figure 5.11 shows these group X trial interactions, where it can be seen that the two faults trained in the visual lobe training had the
largest improvement. For the faults not trained by visual [obe training, the improvement was greater where there was more similarity to the visual lobe fault.
Neutral training had a smaller amount of transfer, while no training, i.e., spending equivalent time on other computer tasks, had no beneficial effect.
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Figure5.11 Search Performance Before and After Visual Lobe Training

Similar results can aso be seen when the changes in visual |obe size during training are related to the changes in search time after training. Table 5.23relates the
dependence of search time for each fault type to the increases in lobe size, using the coefficient of determination (r2) as the measure of dependence.

Percent Increase in Parcent Decreans in Search Time For:
isual Lobe Size
For: Loose Rivet Rivet Crack Corrogion Dent
Group 1 [Looss Riwet] 0.75 0.36 0.1 0.21
Group 2 [Dant) 009 0.0 0.68 0.85
Group 3 [Heutral ] 016 005 0.74 0.00

Tahle 5.23  Dependence (r) of Percent Changes in Search Tire on Percent Changes in Wisual Lobe
Size for Fach Group

There was a direct transfer from the fault used in visual |obe training to that fault in visual search, with asmaller transfer to the other fault in the same group (rivet
or area). The neutral fault visual lobe training transferred only to one area fault.

5.3.5.3.6 Discussion and Conclusions

Providing training, even just repeated practice, in rapidly detecting afault in periphera vision, does indeed increase the size of the areain which that fault can be
detected in asingle glimpse, i.e., the visual lobe. Thisincreased visual lobe isnot merely aresult of increased familiarity with the experimental visual lobe task, as
it transfers to amore realistic inspection task, visual search. Thus, even such a basic aspect of inspection performance as the visual lobe can be improved through
training. For each fault type there was a 20-30% increase in lobe size over just five practice trials. Thistransferred to the search task with percentage changesin
overall visua search time of:

Group 1 (Loose Rivet) 30%
Group 2 (Dent) 32%

Group 3 (Neutral) 18%
Group 4 (No Training) -4%

Thereis a close correspondence between the training on actual faults (Groups 1 and 2) and improvement in search times, and even some improvement for training
on a neutral fault, i.e., one which did not appear in any search tasks. No training, as expected, produced no effect.
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From Section 5.3.4, it was seen that visual search follows a speed/accuracy tradeoff curve, so that what has been measured here as search times, can also be

interpreted as search accuracy in agiven, fixed time. Thus, this experiment has demonstrated the value of training in increasing the inspector's ability to receive and
interpret peripheral visual information. The implication isthat tasks similar to the visual lobe task given here need to be derived and used with inspectors. The
benefits of asimple, smulator-based study in rapidly determining the feasibility of new training techniques has also been demonstrated. A study based on actual
faults on areal aircraft structure would have been impossible as single glimpses cannot be repeated without the inspector learning the true identity of each fault. A
study using hardware to simulate the faults would be extremely cumbersome, with hundreds of fuselage samplesidentical apart from fault location being required.

5.3.6 INTERNATIONAL COMPARISONS IN AIRCRAFT INSPECTION

Asnoted in Section 5.1, ajoint study of inspection practicesin the U.K. and U.S.A. was undertaken as part of a Memorandum of Agreement between the CAA and
FAA. The Lock and Strutt report (1985) wasin fact prepared earlier in that decade, so that the CAA, for whom the report was produced, initiated an update by M.
W. B. Lock in 1990. Asthe techniques of observation were similar to those used by the FAA/AAM team, ajoint venture was created to allow direct comparison of

U.S.A. and U.K. practices. Both C. G. Drury and M. W. B. Lock were participants, and have issued ajoint report (Drury and Lock, 1992), so that only a briefer
summary is presented here.

The aircraft to be maintained are designed and sold for world-wide markets, so that much of the inspection and maintenance is pre-determined by the
manufacturers. However, the various regulatory authorities around the world (e.g., FAA, CAA, JAA) have different requirements. In addition, the way in which an
airline chooses to meet these requirements leaves some latitude for local and cultural variations.

Although many points of difference were noted, perhaps the most obvious isin the way in which the inspection/maintenance job is scheduled and controlled. In the
U.K., the management structures of maintenance and inspection are usually closely intermeshed. In the past it was frequently the case that the engineering manager
and the quality control chief were the same person. Although this not the case in large transport aircraft, it can still be the case in smaller commuter airlines. Work
arising from an inspection can be allocated by the inspector, who is often also a supervisor, or by a senior person who has responsibility for both inspection and
maintenance. The inspector isfrequently consulted during the defect rectification, in some cases is the actual supervisor of that work, and will usually be the person
to buy back the repair.

In the U.S.A. the management structures of maintenance and inspection are separated up to alevel well beyond the hangar floor. A wide variation of management
authority was found whereby either maintenance, inspection, or even planning, could dominate (Taylor, 1990). In afew companies visited there was provision for
coordination between maintenance and inspection by an engineer whose job was to ensure some cross talk. The engineer served as shift change coordinator.
Typically though, work arising from an inspection is allocated by a maintenance supervisor so that the inspector who raised the defect has no responsibility for
defect rectification and may not be the inspector who does the buy-back inspection.

The separation of the two management structures in the U.S.A. is dictated largely by the existing Federal Airworthiness Regulations, driven by a deeply-felt need
for checks and balances as an error reduction mechanism. At the hangar floor level the general view isthat repair and maintenance would suffer if the repairer knew
that certain inspectors were “buying back' the work, as some are known to be less stringent than others. The general view in the U.K. was that the system of having
the same inspector responsible throughout for any particular defect and its rectification was preferable as the repair could be monitored at appropriate stages,
ensuring that the job had been performed correctly.

Both systems lead to different requirements for training in managerial skills. Despite the greater direct management responsibilities of inspectorsin the U.K., little
formal training in managerial skills was evident.

A number of visits were undertaken by each participant in each country, either separately or together. There was no attempt at comprehensive sampling; rather the
knowledge of each participant was used to select sites which would be illustrative of various features. For example, in the UK, visits were made to specialist third-
party NDT companies which serviced civil aviation because they represent amajor source of NDT expertise utilized by some airlines.

At each site, the visit was divided into two sections, although these often overlapped in coverage:
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» SystemsOverview. First the management of the maintenance of the site was probed in management interviews. The structure of the maintenance and
inspection organization(s) was elicited during discussions with managers, shift supervisors, foremen, and often with staff who were outside the line
management structure. These could include training personnel, archive keepers, work card preparers, planners, and so on depending upon the initial
discussions with management. The aim was to be able to write a short description of how the system should operate, and the management philosophy
behind this system structure and functioning.

» Hangar-Floor Operations. Detailed observations of the practice of inspection, and its organizational constraints, were made by following an inspector
for all or part of ashift. Astheinspector progressed through ajob, questions were asked concerning the inspection itself and ancillary operations, such as
gpares availability from stores, or time availability for training. Thus areasonably complete task description and analysis could be written on the inspection
task itself, while obtaining information on the wider context of the inspector'sjob. This technique also alowed the collection of anecdotal recollections of
previous jobs, and other events from the past. While these had an obviously lower evidence value than direct observation of task performance, they did
provide a valuable adjunct to the data collection process.

Sites visited included major air carriers, regional or second-level airlines, repair stations, and NDT companies. In addition visits were made to FAA and CAA
personnel and to a Royal Air Force base where maintenance and inspection procedures are written.

5.4 CONCLUSIONS

Asthe FAA/AAM program on human factors moves from its second to third phases, work has progressed from observation to demonstrations of concepts for doing
maintenance and inspection. The original approach, developed in Phase | and reported in Shepherd, et al., (1991) was to have human factors engineers study aircraft

inspection and maintenance so as to determine a strategy. Enough depth and breadth of study was maintained to be able to find critical intersections between human
factors knowledge and techniques on one hand, and field problems of inspection and maintenance on the other. Thisinvolved both top-down analysis, taking a
systems view, and bottom-up analysis, performing detailed task analyses of inspector's jobs.

Phase |1 has rather closely followed the recommendations made in Phase |. Observation of field activities has been scaled down and re-focussed onto very specific
areas. These have evolved into the on-going sequence of demonstration projects. While results from the first two such projects are not scheduled to be available
until the summer of 1992, the concept appears to be working well. Airline personnel at all levels recognize that improvements are possible, and thus, are being most
cooperative with the human factors team.

As Phase |11 approaches, more of the projects listed in the Phase | report will be performed, as well as hew ones added. For example, the whole field of inspection
and maintenance scheduling could benefit from human factors research into combined human/automated scheduling systems (e.g., Sanderson, 1989). When
projects are completed, a dissemination of results and lessons learned will be needed, presumably by presentations and published papers. Both the FAA and the

airline maintenance organizations need to consider the best ways for rapid dissemination and application of demonstration project results.

The detailed application of human factors knowledge (often models) to specific problems (Sections 5.3.1, 5.3.2, 5.3.3, 5.3.4, and 5.3.5) hasyielded insights for the
experimental program and the demonstration projects. Feedback is now required from the industry on whether it finds this work adds to its operational
understanding. The experimental program is just starting, following hardware procurement and software development. Asthis progresses, the same simulations
should be available for specific experiments supported by industry, as well as for the on-going programs presented here.

The long-term aim of the whole project isto provide phased solutions of practical use to industry to improve the already high performance of aircraft inspection and
maintenance.
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